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Abstract: In Ghana, youth unemployment remains significant challenges, with technical and 

vocational education and training (TVET) emerging as a potential solution to equip young 

people with practical skills for the job market. However, the uptake of TVET programmes 

among Ghanaian youth remains low, particularly among females. This study therefore explores 

the determinants that influence TVET choices among Ghanaian youth, with the goal of 

informing policy development to enhance participation in vocational education. Applying an 

enhanced multinomial logistic regression (MLR) model, this research examines the influence 

of socio-economic, demographic, and attitudinal factors on career decisions. The enhanced 

model accounts for class imbalances in the dataset and improves classification accuracy, 

making it a robust tool for understanding the drivers behind TVET choices. A sample of 1600 

Ghanaian youth engaged in vocational careers was used, ensuring diverse representation of the 

population. Key findings reveal that males are approximately three times more likely to choose 

TVET programs than females, despite females making up 50.13% of Ghana’s population. 

Specific determinants influencing TVET choices include financial constraints, parental 

influence, peer influence, teacher influence, self-motivation, and vocational limitations. In 

regions with limited vocational options, youth often pursue careers based on availability rather 

than preference, which highlights a gap in vocational opportunities. Parental and teacher 

influences were found to play a dominant role in steering youth towards specific careers. The 

study concludes with recommendations for policymakers, instructors, and stakeholders to 

increase the accessibility, relevance, and quality of TVET programmes to meet the socio-

economic needs of Ghanaian youth. 

Keywords: limited vocations; Ghanaian youth; determinants of TVET choices; policy 

implications; multinomial logistic regression (MLR) 

1. Introduction 

Technical and vocational education and training (TVET) plays a critical role in 

facilitating economic growth and reducing unemployment, especially in developing 

countries like Ghana (Buba et al., 2022). Studies have demonstrated that TVET 

programmes can improve employment opportunities, increase income levels, and 

reduce poverty rates. For example, a study by Agyemang and Amoako (2023) found 

that TVET graduates in Ghana had higher employment rates and earned significantly 

more than non-TVET graduates. Additionally, a study by Pongo et al. (2014) 

highlighted the importance of TVET in promoting self-employment among the youth. 

that TVET programmes, specifically those offered by Integrated Community Centre 
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for Employable Skills (ICCES), have a significant positive impact on the socio-

economic development of Ghana. They concluded that trainees in the ICCES 

programmes were able to secure suitable employment that helped them to gain income 

in their communities, leading to improved economic and social status. 

Also, by equipping individuals with practical skills, TVET helps bridge the gap 

between education and the labour market, making it an essential tool for 

socioeconomic development. However, despite its significance, there remains a 

persistent mismatch between the skills acquired through TVET programmes and the 

demands of the labour market in Ghana (Norain Jaafar et al., 2018). If unaddressed, 

this gap could exacerbate youth unemployment, deepen economic inequality, and 

undermine long-term economic growth. 

Understanding the factors influencing individuals’ decisions to pursue TVET is 

crucial for developing policies that can better align vocational education with market 

needs. Previous studies have highlighted the challenges of gender disparities and 

inadequate career guidance in the TVET sector (Najoli, 2019; Zelloth, 2014). For 

instance, Najoli (2019) noted that female participation remains particularly low in 

TVET and Science, Technology, Engineering and Mathematics (STEM) fields, largely 

due to societal expectations and gender biases. Furthermore, Zelloth (2014) pointed 

out that the lack of comprehensive career guidance often leaves youth with limited 

awareness of vocational opportunities, further contributing to the imbalance in TVET 

participation. 

In developing economies, the informal sector constitutes a significant portion of 

the workforce. This sector, comprising agriculture, small-scale trade, and local 

enterprises, provides livelihoods for a large segment of the population, particularly in 

rural areas (Korang, 2021; Melak and Derbe, 2022). Yet, influential factors 

determining vocational choices within this informal sector remain under-researched. 

The informal nature of these activities introduces complexities in both data collection 

and analysis, making it difficult to accurately model vocational choices using 

traditional statistical approaches (Chen, 2006; Mugoda et al., 2020). 

Several studies have attempted to identify key determinants of TVET 

participation. For instance, Boeren (2016) demonstrated a positive correlation between 

higher levels of education and the likelihood of pursuing TVET. However, the type of 

education, whether vocational or general, plays an important role (Deissinger, 2019). 

Socioeconomic factors, such as family income and parental occupation, have also been 

shown to influence vocational decisions. Individuals from lower socioeconomic 

backgrounds are more likely to pursue TVET as a pathway to financial stability, while 

those from wealthier families often have alternative educational and career options 

(Haseloff et al., 2017). 

Geographical accessibility further complicates vocational decisions. King (2019, 

2020) emphasized that the availability of training facilities and proximity to vocational 

schools significantly affect students’ TVET choices. Moreover, perceptions of future 

employment opportunities in various vocational fields also play a vital role 

(Kisielewska, 2014). The ILO (2019) study reports some important challenges of the 

informal sector. That the informal sector in developing countries faces significant 

challenges such as limited access to resources, job insecurity, and poor working 

conditions. Despite these issues, the sector has considerable potential for economic 
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growth and job creation. The study recommends strategies to support the informal 

sector, including improving access to finance, offering business development training, 

and encouraging the formalization of informal businesses. Hence, without proper 

research and policy intervention, these factors could widen the skill gap, leaving youth 

underprepared for available job opportunities. 

Given the heterogeneity of the informal sector and the limitations of traditional 

models, this study employs an enhanced Multinomial Logistic Regression (MLR) 

model to explore the determinants of TVET choices. Traditional logistic regression 

models, while effective in many contexts, may not fully capture the complexities of 

vocational decisions within the informal sector, where standard sampling methods 

often fail to represent the diverse and fluid nature of informal work (Shen et al., 2015; 

Vanek, 2014). The enhanced MLR model utilized in this study incorporates survey 

weights to account for sample biases, addressing the sector’s unique characteristics 

and offering a more accurate depiction of TVET choices (Abdul Hamid et al., 2018; 

Ghosh, 2013). 

Accurately modelling vocational choices is essential for developing targeted 

interventions that align with labour market needs. A mismatch between vocational 

training and market demands can lead to underemployment or even unemployment, 

especially in the informal sector where opportunities are often limited (Oluwatoyin 

Adewale, 2017). However, selecting the right vocational programme can significantly 

improve employability and job satisfaction, contributing to both individual well-being 

and national economic development. 

Thus, this study aims to address the gap in research by applying an enhanced 

MLR model to identify the key determinants influencing TVET choices among 

Ghanaian youth. Specifically, the research will: 

1) Develop an improved MLR model that accurately predicts the determinants of 

vocational choices in the informal sector, considering the sample design. 

2) Identify critical factors influencing vocational decisions among Ghanaian youth, 

particularly in the informal economy. 

3) Provide policymakers `with data-driven insights to design more effective TVET 

interventions that promote participation and align with labour market demands. 

By incorporating these methodologies, this study adds to the existing body of 

literature and provides actionable insights for policymakers and stakeholders. 

Addressing the challenges of gender disparities, socioeconomic barriers, and 

accessibility can help bridge the gap between vocational education and employment 

outcomes, ultimately fostering economic resilience and reducing inequality in Ghana 

(Chelimo, 2022; Owusu-Agyeman and Aryeh-Adjei, 2023). 

2. Materials and methods 

The methods involve taking a representative sample using multistage sampling 

technique. This technique was chosen to reflect the diversity of vocations across 

different regions and demographic groups. Alvi (2016) highlighted the effectiveness 

of the multistage sampling technique in improving sample representativeness. This 

method according to Alvi (2016) recognizes the diversity within the informal TVET 

population by first categorizing it into vocational groups such as building construction, 
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mechanics, sewing, beauticians, hospitality, driving, masonry, and electrical and 

electronics. Sixteen regions were stratified, with four randomly selected: Ashanti, 

Central, Greater Accra, and Brong Ahafo. The use of random sampling helped ensure 

that everyone in the population had an equal chance of being selected. 

Each region was further divided into distinct TVET programmes. Using 

Yamane’s formula: 

(sample size 𝑛 ≥
𝑁

1+𝑁(0.05)2
, 𝑁 = size of TVET population in a region), 

a sample size of approximately 400 individuals was determined for each region, 

resulting in a total sample of 1600 participants. 

While slight variations in sample sizes occurred due to the availability of trainees, 

the overall sample remained representative. However, the unstructured nature of the 

informal sector posed challenges in data collection. Despite these challenges, the 

following data were obtained through questionnaire and interview: Mechanical (250), 

Electrical and Electronics (150), Hospitality (260), Building and Construction (170), 

Sewing (240), Beauticians (180), and Commercial Driving (200). 

Analysing the data, descriptive statistics was first used to assess the vocational 

and educational backgrounds of the respondents, disaggregated by gender. This step 

helps identify potential gender disparities in TVET choices. Next, a correlation matrix 

was employed to evaluate the relationships between the independent variables (in this 

study, we used a threshold of absolute correlation coefficient |𝑟| ≤ 0.3) to ensure that 

the independent variables are not moderately correlated and thereby eliminate 

suspicion of multicollinearity. This was supported by the standard error of estimates. 

A small standard error means the estimates are precise. These combined approaches 

also check multicollinearity which has a potential of turning out unreliable coefficient 

estimates and thereby making it difficult to draw accurate and reliable conclusions 

from data. To deal with variables that show strong relationships, we may delete or 

combine such variables, using Principal Component Analysis (PCA). 

The study then employs a modified Multinomial Logistic Regression (MLR) 

model, specifically a survey-weighted logit model, designed to capture the 

complexities of TVET choices more accurately. This approach incorporates additional 

parameters to account for various challenges often encountered in data collection, 

including non-response and sampling imbalances (Agresti, 2019). The model was 

applied to a dataset consisting of TVET choices from a sample of one thousand six 

hundred (1600) individuals actively engaged in vocational careers. 

Noting that some key assumptions of the MLR model, if not checked, could affect 

the results, the independence of observations and no perfect multicollinearity were 

examined as mentioned earlier. To address the assumption of the independence of 

irrelevant alternatives (IIA) in the model, two procedures were implemented. First, the 

trainee selected only one of the dependent variables, ensuring no violation of the IIA 

assumption. Second, sampling weights were utilized to mitigate the limitations of the 

IIA assumption in multinomial logistic regression models. According to Greene 

(2012), these weights adjust the relative importance of different alternatives in the 

choice set. By assigning different weights to various alternatives, sampling weights 

can account for factors that violate the IIA assumption, such as population 
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heterogeneity, correlated alternatives, and the omission of important variables from 

the model. The analysis was conducted using R statistical software (Li et al., 2020; 

Liu et al., 2023). 

Addressing non-response bias is a critical concern in survey research, as it can 

skew results if certain groups are less likely to participate. To minimize this issue, the 

study implemented several strategies. First, the data collection process included 

multiple follow-up contacts with participants who did not initially respond, using in-

person visits where necessary. Small incentives were offered to participants who 

initially were reluctant to participate on the basis that they would not benefit 

financially from this research. This process encouraged participation and improved 

response rate, thereby reducing non-response bias. Next, as mentioned earlier, survey 

weights were applied to the MLR model to adjust for non-response and ensure that the 

results were representative of the overall population. These weights were calculated 

based on demographic data, allowing the model to compensate for any 

underrepresented groups. 

Addressing group imbalance where some vocations may have fewer respondents 

than others, the sampling weights were determined for each stratum to ensure that each 

vocational category was adequately represented in the dataset. Where necessary, 

poststratification adjustments could be made thereby correcting for any imbalances 

not fully taken care of by the sampling weights. Lastly, the study estimated the 

standard errors of the models, ensuring that the results were robust across various 

subsets of the data. 

2.1. Survey-weighted multinomial logistic regression 

Employing the survey-weighted MLR model improves the overall performance 

of the model by predicting TVET career choices as the outcome variable, accounting 

for the probability of selection, and addressing biases in the data collection, such as 

under or oversampling. Understanding the influence of each variable on TVET career 

choice requires interpreting the model coefficients. Hence, understanding the logistic 

function is crucial. 

Given the multiple linear regression 

𝑌𝑗 = 𝛽0𝑗 + 𝛽1𝑗𝑋1 + ⋯+ 𝛽𝑖𝑗𝑋𝑖 + 𝜀𝑖𝑗  for 𝑖 = 1,2,… , 𝑘;  𝑗 = 1,2,… , 𝐽 (1) 

where; 

𝑌𝑗 =

[
 
 
 
 
 
𝑌1

𝑌2

.

.

.
𝑌𝐽 ]

 
 
 
 
 

, 𝑋𝑖 =

[
 
 
 
 
 
1 𝑥11 𝑥12 …𝑥1𝑘

1 𝑥21 𝑥22 …𝑥2𝑘

.       .       .

.       .       .

.       .       .
1 𝑥𝑛1 𝑥𝑛2 …𝑥𝑛𝑘]

 
 
 
 
 

, 𝛽𝑗 =

[
 
 
 
 
 
𝛽0𝑗

𝛽1𝑗

.

.

.
𝛽𝑘𝑗]

 
 
 
 
 

, 𝜀𝑖𝑗 =

[
 
 
 
 
 
𝜀1𝑗

𝜀2𝑗

.

.

.
𝜀𝑘𝑗]

 
 
 
 
 

 

Implies 𝑌𝑗 = 𝛽0𝑗 + 𝛽𝑖𝑗𝑋𝑖 where 𝜀𝑖𝑗 = 0 

The logistic function (the logit) is an expression of the log of odds equal to the 

linear regression (Bisht and Pattanaik, 2021; Kuha and Mills, 2020; Ragazou et al., 

2022; Sifringer et al., 2020) as; 
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ln (
𝑝(𝑥)

1 − 𝑝(𝑥)
) = 𝑌𝑗 

Transformed as; 

𝑝(𝑥) =
𝑒

𝑌𝑗

1+𝑒
𝑌𝑗

  (2) 

Hence, the likelihood that Y takes a value of 1 or 0 is 

𝑃(𝑌𝑗 = 1 𝑥⁄ ) = 𝑝(𝑥) =
𝑒𝛽0𝑗+𝛽1𝑗𝑋1+⋯+𝛽𝑘𝑗𝑋𝑘

1 + 𝑒𝛽0𝑗+𝛽1𝑗𝑋1+⋯+𝛽𝑘𝑗𝑋𝑘
=

𝑒𝛽0𝑗+𝛽𝑖𝑗𝑋𝑖

1 + 𝑒𝛽0𝑗+𝛽𝑖𝑗𝑋𝑖
 (3) 

To fit the multinomial logit, Y (TVET choices) is set as a categorically unordered 

limited dependent variable and each observation of this outcome variable follows the 

Bernoulli distribution (Cirillo and Ramos, 2014; Li and Fan, 2019; Paul et al., 2018). 

From (Archer and Lemeshow, 2006; Greene, 2012; Ragazou et al., 2022). 

𝑃(𝑌) = 𝑝𝑦𝑗(1 − 𝑝)(1−𝑦𝑗) (4) 

𝑙 = ∏ 𝑝𝑦𝑗

𝑘

𝑖=1
(1 − 𝑝)(1−𝑦𝑗) 

But for 𝑃(𝑌 = 1) = 𝑃 =
𝑒

(𝛽𝑜𝑗+𝑋𝑖𝛽𝑖𝑗)

1 +𝑒
(𝛽𝑜𝑗+𝑋𝑖𝛽𝑖𝑗)

 {
𝑖 = 1,2,… , 𝑘
𝑗 = 1,2, … , 𝐽

 

𝑙 = ∏ [
𝑒

(𝛽𝑜𝑗+𝑋𝑖𝛽𝑖𝑗)

1 +𝑒
(𝛽𝑜𝑗+𝑋𝑖𝛽𝑖𝑗)

]

𝑦𝑖

𝑘
𝑖=1 [

1

1 +𝑒
(𝛽𝑜𝑗+𝑋𝑖𝛽𝑖𝑗)

]
(1−𝑦𝑖)

  (5) 

𝑙 = [
𝑒

(𝛽𝑜𝑗+𝑋𝑖𝛽𝑖𝑗)

1 +𝑒
(𝛽𝑜𝑗+𝑋𝑖𝛽𝑖𝑗)

]

∑ 𝑦𝑖
𝑘
𝑖=1

[
1

1 +𝑒
(𝛽𝑜𝑗+𝑋𝑖𝛽𝑖𝑗)

]

∑ (1−𝑦𝑖)
𝑘
𝑖=1

  

ln(𝐿) = ∑ 𝑦𝑖(
𝑘
𝑖=1

𝑒
(𝛽𝑜𝑗+𝑋𝑖𝛽𝑖𝑗)

1 +𝑒
(𝛽𝑜𝑗+𝑋𝑖𝛽𝑖𝑗)

) + ∑ (1 − 𝑦𝑖
𝑘
𝑖=1 )(

1

1 +𝑒
(𝛽𝑜𝑗+𝑋𝑖𝛽𝑖𝑗)

)  (6) 
 

Hence, the maximum likelihood function is 

𝜕ln (𝐿)

𝜕𝛽
= (∑ 𝑥𝑖𝑦𝑖

𝑘
𝑖=1 ) −

∑ (𝛽𝑜𝑗+𝑥𝑖𝛽𝑖𝑗)
𝑘
𝑖=1

1+𝑒
(𝛽𝑜𝑗+𝑥𝑖𝛽𝑖𝑗)   (7) 

According to Greene (2012) a proliferation of the parameters (𝛽𝑖𝑗) are obtained 

by taking a second derivative of the likelihood function and this assertion is supported 

by Luo and Kanala (2008). 

𝜕2𝑙𝑛 (𝐿)

𝜕2𝛽
= −

∑ [(𝛽𝑜𝑗+𝑥𝑖𝛽𝑖𝑗)(1+𝑒
𝛽𝑜𝑗+𝑥𝑖𝛽𝑖𝑗)−(𝛽𝑜𝑗+𝑥𝑖𝛽𝑖𝑗)𝑒

𝛽𝑜𝑗+𝑥𝑖𝛽𝑖𝑗]𝑘
𝑖=1

(1+𝑒
𝛽𝑜𝑗+𝑥𝑖𝛽𝑖𝑗)

2   (8) 

𝜕2ln (𝐿)

𝜕2𝛽
= −

∑ (𝛽𝑜𝑗+𝑥𝑖𝛽𝑖𝑗)
𝑘
𝑖=1

(1+𝑒
𝛽𝑜𝑗+𝑥𝑖𝛽𝑖𝑗)

2  (9) 

Now let the required survey weight be 𝑤𝑠 = 1
𝑤𝑓

⁄ , where 𝑤𝑓 is the frequency 



Journal of Infrastructure, Policy and Development 2024, 8(11), 8642. 
 

7 

weight. The survey weight is inversely proportional to the frequency weight and 𝑤𝑓 =
𝑐𝑖

∑ 𝑐𝑖
𝑛
𝑖

⁄ ; 𝑐𝑖 = size of class 𝑖. Introducing 𝑤𝑠 into the empirical model looks exactly 

like the general regression with the weight as factor. 

𝑌𝑤𝑠
= 𝑤𝑠(𝛽0𝑗 + 𝛽𝑖𝑗𝑋𝑖 + 𝜀𝑖𝑗) (10) 

If 𝜀𝑖𝑗 = 0, the 

𝑌𝑤𝑠
=

[
 
 
 
 
 
𝑌1

𝑌2

.

.

.
𝑌𝐽 ]

 
 
 
 
 

, 𝑋𝑖 =

[
 
 
 
 
 
1 𝑥11 𝑥12 …𝑥1𝑘

1 𝑥21 𝑥22 …𝑥2𝑘

.       .       .

.       .       .

.       .       .
1 𝑥𝑛1 𝑥𝑛2 …𝑥𝑛𝑘]

 
 
 
 
 

, 𝑤𝑠𝛽𝑗 =

[
 
 
 
 
 
𝑤1𝛽0𝑗

𝑤2𝛽1𝑗

.

.

.
𝑤𝑗𝛽𝑘𝑗 ]

 
 
 
 
 

 

From Equation (5), we have 

𝑙𝑤𝑠
= ∏ [

𝑒
(𝛽𝑜𝑗+𝑋𝑖𝛽𝑖𝑗)

1 +𝑒
(𝛽𝑜𝑗+𝑋𝑖𝛽𝑖𝑗)

]

𝑤𝑠𝑦𝑖

10
𝑖=1 [

1

1 +𝑒
(𝛽𝑜𝑗+𝑋𝑖𝛽𝑖𝑗)

]
𝑤𝑠(1−𝑦𝑖)

  (11) 

𝑙𝑤𝑠
= [

𝑒(𝛽𝑜𝑗+𝑋𝑖𝛽𝑖𝑗)

1 + 𝑒(𝛽𝑜𝑗+𝑋𝑖𝛽𝑖𝑗)
]

∑ 𝑤𝑠𝑦𝑖
𝑘
𝑖=1

[
1

1 + 𝑒(𝛽𝑜𝑗+𝑋𝑖𝛽𝑖𝑗)
]

∑ 𝑤𝑠(1−𝑦𝑖)
𝑘
𝑖=1

 

ln(𝑙𝑤𝑠
) = ∑ 𝑤𝑠𝑦𝑖(

𝑘
𝑖=1

𝑒
(𝛽𝑜𝑗+𝑋𝑖𝛽𝑖𝑗)

1 +𝑒
(𝛽𝑜𝑗+𝑋𝑖𝛽𝑖𝑗)

) + ∑ 𝑤𝑠(1 − 𝑦𝑖
𝑘
𝑖=1 )(

1

1 +𝑒
(𝛽𝑜𝑗+𝑋𝑖𝛽𝑖𝑗)

)  (12) 

Hence, the maximum likelihood function proposed by Bhatta and Larsen (2011); 

Greene (2012) and here modified 

𝜕ln (𝐿)

𝜕𝛽
= (∑ 𝑤𝑠𝑥𝑖𝑦𝑖

𝑘
𝑖=1 ) −

𝑤𝑠 ∑ (𝛽𝑜𝑗+𝑥𝑖𝛽𝑖𝑗)
𝑘
𝑖=1

1+𝑒
(𝛽𝑜𝑗+𝑥𝑖𝛽𝑖𝑗)   (13) 

= 𝑤𝑠 [(∑ 𝑥𝑖𝑦𝑖
𝑘
𝑖=1 ) −

∑ (𝛽𝑜𝑗+𝑥𝑖𝛽𝑖𝑗)
𝑘
𝑖=1

1+𝑒
(𝛽𝑜𝑗+𝑥𝑖𝛽𝑖𝑗)

]  (14) 

The second derivative of the modified model from Equation (9) is 

𝜕2ln (𝐿)

𝜕2𝛽
= −𝑤𝑠

∑ (𝛽𝑜𝑗 + 𝑥𝑖𝛽𝑖𝑗)
𝑘
𝑖=1

(1 + 𝑒𝛽𝑜𝑗+𝑥𝑖𝛽𝑖𝑗)
2  

Hence, individual probabilities are: 

𝑃(𝑌𝑤𝑠=1)

𝑃(𝑌𝑤𝑠=𝐽)
= 𝑒𝑤1(𝛽01+𝑋1𝛽11+𝑋2𝛽21+⋯+𝑋𝑘𝛽𝑘1)  (15) 

𝑃(𝑌𝑤𝑠=2)

𝑃(𝑌𝑤𝑠=𝐽)
= 𝑒𝑤2(𝛽02+𝑋1𝛽12+𝑋2𝛽22+⋯+𝑋𝑘𝛽𝑘2)  (16) 

𝑃(𝑌𝑤𝑠=𝐽−2)

𝑃(𝑌𝑤𝑠=𝐽)
= 𝑒𝑤𝐽−2(𝛽0𝐽−2+𝑋1𝛽1𝐽−2+𝑋2𝛽2𝐽−2+⋯+𝑋𝑘𝛽𝑘𝐽−2)  (17) 

𝑃(𝑌𝑤𝑠=𝐽−1)

𝑃(𝑌𝑤𝑠=𝐽)
= 𝑒𝑤𝐽−1(𝛽0𝐽−1+𝑋1𝛽1𝐽−1+𝑋2𝛽2𝐽−1+⋯+𝑋𝑘𝛽𝑘𝐽−1)  (18) 
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2.2. The model’s odds ratios 

The odds ratio quantifies the extent of association between two outcomes or 

events. The major purpose of the odds ratio 𝑒𝛽𝑖𝑗  is to forecast how independent 

variables will fall into the dependent variable categories. A smaller odds ratio (<1) 

indicates a high probability of the event falling within the reference group (e.g., 

Commercial Driving). That is, there is a decreased probability that the independent 

variable will belong to the comparison group (e.g., TVET choices). A higher 

probability of the result in the comparison group is indicated by an odds ratio greater 

than 1 (Laurell et al., 2022). Given the probability that an individual selects 

Mechanical is 𝑝1, and the probability that the remaining were selected is 𝑝2. From 

Canan (2020), the following ratios could be developed: 

⚫ The odds of selecting Mechanical is 
𝑝1

1−𝑝1
 

⚫ The odds of selecting the other options is 
𝑝2

1−𝑝2
 

⚫ The odds ratio of selecting Mechanical vs other options is 

𝑝1

1−𝑝1

(
𝑝2

1−𝑝2
)

⁄  

Table 1. Variable name. 

No. Response Variable 𝒀𝒘𝒔
 𝑿𝒊 Predictor Variable 

1 Mechanical 𝑋1 Educational level 

2 Electrical & Electronics 𝑋2 Financial problem 

3 Hospitality 𝑋3 Parent influence 

4 Building Construction 𝑋4 Peer influence 

5 Woodwork 𝑋5 Teacher influence 

6 Sewing 𝑋6 Academic performance 

7 Beauticians 𝑋7 Vocational Limitations 

8 Commercial Driving 𝑋8 Self-employed 

- - 𝑋9 Self-motivation 

- - 𝑋10 Lucrative nature of vocation 

For example, in this experiment (refer: Table 1), about 63.44% of males and 

36.56% of females, from different levels of education opted for TVET. Then, the 

⚫ Odds of males in a vocation is 1.735. 

⚫ Odds of females in vocation is 0.576. 

⚫ Hence, the odds ratio of males versus females in a vocation is 3.012. 

This means that the odds of opting for TVET programmes is about 3 times greater 

for males than females. This could be due to traditional and societal underpinnings. 

Traditional gender roles and societal perceptions may have limited female 

participation in TVET in Ghana. For example, traditional gender roles in Ghana often 

associate males with technical and hands-on work, such as mechanics, construction, 

and engineering, which are commonly covered in TVET programmes. In contrast, 

females may be steered toward professions that align with caregiving, education, and 

office-based roles, which are less represented in TVET curricula. Also, TVET 

programmes in Ghana are perceived as more physically demanding and better suited 
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to males, while females may be encouraged to pursue more academically oriented or 

less physically intensive careers. These societal expectations can discourage females 

from considering TVET as a viable option. The lack of visible female role models in 

TVET-related fields can deter young women from pursuing such careers. If females 

do not see other women succeeding in technical professions, they may be less likely 

to envision themselves in similar roles. 

Using the parameters of the weighted model, the sectorial odds ratios are 

determined as follows: 

The odds or logit of a vocation = 𝑒𝑤𝑠𝛽𝑖𝑗 

Therefore, the odds of selecting Mechanical engineering is 𝑒𝑤1𝛽𝑖1 

The odds of selecting Electrical & Electronics engineering is 𝑒𝑤2𝛽𝑖2 

Also, the odds of opting to become a Beautician is 𝑒𝑤7𝛽𝑖7 

The Weighted models were therefore coded using R statistical software and 

subsequently analysed. 

3. Explanation of variables 

Educational Level: This variable refers to the highest level of formal education 

that a youth has completed. It can influence TVET decisions as different educational 

levels may correspond to different perceptions of vocational training. For example, 

youth with lower levels of education may see TVET as a more accessible pathway to 

employment, while those with higher educational attainment might view it as a backup 

option or an opportunity to specialize in technical skills. 

Financial Problem: Financial constraints can significantly impact a youth’s 

decision to pursue TVET. If a young person or their family faces economic difficulties, 

they may be more likely to choose vocational training, which is often perceived as a 

quicker and more affordable route to employment compared to traditional academic 

paths. 

Parent Influence: Parental influence refers to the role that parents play in guiding 

or influencing their children’s educational and career decisions. Parents may either 

encourage or discourage their children from pursuing TVET based on their own 

perceptions, experiences, and societal expectations. Positive parental support can 

increase the likelihood of a youth opting for TVET, while parental discouragement 

might steer them towards more academic or traditional career paths. 

Peer Influence: Peer influence involves the impact of a youth’s friends and social 

circle on their decision to opt for TVET. If a young person’s peers are supportive of 

or actively pursuing vocational training, it can create a positive perception of TVET 

and encourage the youth to follow a similar path. Conversely, if peers look down upon 

vocational education, this could discourage participation in TVET. 

Teacher Influence: Teacher influence refers to the guidance and advice provided 

by educators, which can shape a student’s perception of TVET. Teachers play a crucial 

role in career counselling and may either promote TVET as a viable option or steer 

students towards academic tracks. The extent and nature of this influence can vary 

based on the teacher’s own views of vocational education and their relationship with 

the student. 

Academic Performance: Academic performance is a measure of how well a 
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student performs in school. Youth who struggle academically might see TVET as a 

more suitable option compared to traditional academic paths, which often require high 

performance in theoretical subjects. However, those with strong academic records may 

be less inclined to pursue TVET, viewing it as less prestigious than academic 

programmes like university degrees. 

Self-employed: The desire to become self-employed can be a significant 

motivator for choosing TVET. Many vocational training programmes equip students 

with practical skills that are directly applicable to starting a business, such as 

carpentry, tailoring, or auto repair. Youth who aspire to run their own business may 

be more likely to opt for TVET, as it provides the hands-on experience and technical 

expertise needed for self-employment. 

Self-motivation: Self-motivation refers to the internal drive and determination of 

youth to pursue a particular career path. Youth with strong self-motivation are more 

likely to opt for TVET if they have a clear vision of their future and believe that 

vocational training will help them achieve their goals. This factor reflects the youth’s 

personal aspirations and commitment to developing practical skills. 

Vocational Limitations: This phrase is used in the context of scarce TVET 

programmes compelling youth to opt for the only available options within their 

community, even when these programmes do not align with their personal or career 

interests. This factor highlights the importance of expanding TVET opportunities and 

ensuring that a wider range of vocational training programs is accessible to all youth, 

regardless of their location. 

Lucrative Nature of Vocation: This variable assesses the perception of how 

financially rewarding a particular vocation is. Youth who believe that a certain 

vocational field offers lucrative opportunities are more likely to opt for TVET. For 

instance, fields like plumbing, welding, or electrical work may be viewed as high-

paying trades, which can attract youth seeking financial stability and success. 

3.1. Preliminary findings 

The preliminary results present the educational background of learners by sex—

an area which is key to TVET decisions in Sub-Saharan Africa, particularly Ghana 

where it is generally perceived that the academically weak ones, venture into TVET 

programmes. 

Table 2. Distribution of educational level of trainees by sex. 

Educational Level 
Male Female Total 

Freq. % Freq. % Freq. % 

Primary School 83 8.18 (69.7) 36 6.15 (30.3) 119 7.44 

Junior High School 637 62.76 (66.4) 322 55.04 (33.6) 959 59.94 

Senior High School 138 13.60 (52.5) 125 21.37 (47.5) 263 16.44 

Technical/Vocational 64 6.31 (48.1) 69 11.79 (51.9) 133 8.31 

Tertiary  21 2.07 (84.0) 4 0.68 (16.0) 25 1.56 

Non-Formal 72 7.09 (71.3) 29 4.96 (28.7) 101 6.31 

Total 1015 100.0 585 100.0 1600 100.0 
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Table 2 presents a detailed breakdown of the educational levels of trainees, 

disaggregated by sex. It reveals that many trainees, approximately 60%, have 

completed Junior High School (JHS). This group consists of 62.76% males and 

55.04% females. Their significant representation highlights the need for targeted 

policy interventions to support and build on the educational foundation of this group. 

This demographic could serve as a focal point for policy development, particularly in 

relation to skill enhancement and continued education within TVET programmes. 

A clear gender disparity emerges across all educational levels, with a particularly 

stark imbalance at the tertiary level. Here, males account for 84% of the trainees, while 

females make up only 16%. This pronounced gender gap at the tertiary level calls for 

urgent policy interventions aimed at promoting gender equality in advanced TVET 

education. Encouraging greater female participation at this level could address the 

broader issue of gender disparity in the workforce and contribute to more inclusive 

economic development. 

The data also shows that only 1.56% of the total trainees have a tertiary education 

background. This highlights an opportunity to develop policies that encourage 

university students to consider TVET as a viable pathway, potentially broadening the 

appeal of these programmes to a more academically diverse population. 

Interestingly, the gender distribution among trainees with Technical/Vocational 

education background is relatively balanced, with females slightly outnumbering 

males (51.9% to 48.1%). This near-parity suggests that TVET at this level may be 

more gender-inclusive compared to other educational levels. Policymakers could 

analyse what factors contribute to this balance and apply these insights to other levels 

to foster greater gender inclusivity throughout the entire TVET system. 

Additionally, a significant proportion of trainees (7.09% of males and 4.96% of 

females) come from a non-formal education background. These trainees may face 

unique challenges and may require tailored support to succeed in TVET programmes. 

Policies such as the Ghana National Apprenticeship Policy 2020, could address the 

needs of trainees from non-traditional educational pathways and ensure that TVET 

systems are accessible and beneficial to all learners, regardless of their prior education. 

Also, in Ghana, the Commission for Technical and Vocational Education and Training 

(CTVET), established under Act, 2020 (Act 1023), mandated to regulate both pre-

tertiary and private TVET institutions, must pay attention to this group of trainees. 

3.2. Findings from the modified logit models 

The findings of the modified logistic regression analysis for eight different 

vocations including the reference category, are shown together with the extent to 

which a predictor influences an individual’s choice. The tables therefore present the 

intercepts (𝛽0), standard errors (𝑆𝑒), coefficients (𝛽𝑗), and p-values corresponding to 

each explanatory variable ( 𝑥1  to 𝑥10 ). For a unit increase in the explanatory 

variable (𝑋𝑖), the multiplicative change in the probability of the result is represented 

by the odds ratio (𝑒𝛽𝑗). 
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Table 3. Modified logit models for hospitality and building construction. 

Predictor 
Hospitality Building Construction 

𝜷𝒋 𝒆𝜷𝒋 𝑺𝒆. p-value 𝜷𝒋 𝒆𝜷𝒋 𝑺𝒆. p-value 

Intercept 0.286 1.331 0.23 2.12 × 10−1 −0.24 0.787 0.23 2.87 × 10−1 

𝑥1 0.533 1.704 0.03 3.59 × 10−62 0.334 1.397 0.03 1.40 × 10−24 

𝑥2 0.288 1.334 0.03 5.86 × 10−19 0.255 1.290 0.03 1.66 × 10−16 

𝑥3 −0.79 0.454 0.04 1.36 × 10−6 −0.56 0.571 0.03 3.61 × 10−67 

𝑥4 0.252 1.287 0.04 3.62 × 10−10 −0.02 0.980 0.04 5.35 × 10−1 

𝑥5 −0.55 0.577 0.05 3.61 × 10−27 −0.42 0.657 0.05 2.82 × 10−17 

𝑥6 0.007 1.007 0.04 8.61 × 10−1 −0.05 0.951 0.04 1.62 × 10−1 

𝑥7 0.124 1.132 0.04 2.88 × 10−3 0.482 1.619 0.04 1.89 × 10−29 

𝑥8 0.562 1.754 0.04 3.30 × 10−47 0.037 1.038 0.04 3.79 × 10−1 

𝑥9 0.12 1.127 0.05 9.88 × 10−3 0.363 1.438 0.04 6.66 × 10−17 

𝑥10 −0.51 0.600 0.04 6.33 × 10−40 −0.16 0.852 0.03 2.38 × 10−6 

Table 3 however looks at two distinct models to determine influential factors that 

determine the choices for either Hospitality or Building Construction. The 

“Hospitality” model revealed that educational level, financial problems, peers, self-

employment, self-motivation and vocational limitations were a significant positive 

predictor of membership, suggesting that individuals with these characteristics were 

more likely to choose this vocation. Conversely, parents, teachers and the 

lucrativeness of this TVET had a significant negative impact on membership, 

indicating that individuals influenced by these attributes were less likely to pursue a 

career in hospitality. Also, some trainees opted for hospitality due to limited vocational 

options. This means that trainees substituted hospitality with their interests that were 

not readily available. It is therefore imperative that the Ghana CTVET in union with 

the Ministry of Education expand TVET programmes to include all communities. 

Failure to do this may compel learners to continue to opt for programmes against their 

wish and thereby contribute to low productivity. 

Similarly, in the “Building Construction” model, educational level, financial 

problems, self-employment, and self-motivation emerged as significant positive 

predictors, indicating that individuals were more likely to choose it. however, parents, 

teachers and lucrativeness of this option had a significant negative influence on 

membership, suggesting that individuals with strong negative parental or teacher 

influence, were less likely to pursue a career in building construction. These factors 

rather facilitated the choice of “Commercial Driving” which looks lucrative because 

of the quick and immediate income the sector brings in, and thereby reducing 

immediate financial difficulties of parents. 

In comparison, those who opted for hospitality or building construction were 

influenced by key factors such as educational level financial problems, self-

employment, self-motivation and lucrativeness of a vocation. Trainees with higher 

education are more likely to choose these careers, though financial difficulties can 

deter them. Nevertheless, social factors differ. For example, parental support is crucial 

in decision making. In contrast, peer influence has little effect on construction. 
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Overall, while educational level and financial problems are common factors, social 

factors play an important role in shaping career choices towards “commercial Driving” 

in particular. 

To increase access to TVET education for individuals interested in hospitality, 

especially those facing financial challenges, it is recommended to implement targeted 

programmes like career counselling and financial aid including scholarships for 

learners. Additionally, peer mentoring programmes can provide valuable guidance and 

support for trainees considering careers in building construction. 

Table 4. Modified logit models for mechanical and electrical & electronics engineering. 

Predictor 
Mechanical Electrical & Electronics 

𝜷𝒋 𝒆𝜷𝒋 𝑺𝒆. p-value 𝜷𝒋 𝒆𝜷𝒋 𝑺𝒆. p-value 

Intercept 2.118 8.314 0.22 3.20 × 10−22 5.36 212.73 0.23 5.97 × 10−123 

𝑥1 0.161 1.175 0.03 1.99 × 106 0.14 1.150 0.04 8.50 × 10−5 

𝑥2 0.25 1.284 0.03 9.72 × 10−16 0.179 1.196 0.03 4.68 × 10−8 

𝑥3 −0.5 0.607 0.03 6.17 × 10−55 −0.76 0.468 0.04 2.27 × 10−100 

𝑥4 0.08 1.083 0.04 3.38 × 10−2 0.097 1.102 0.04 1.12 × 10−2 

𝑥5 −0.43 0.651 0.05 1.32 × 10−18 −0.65 0.522 0.05 1.82 × 10−41 

𝑥6 −0.2 0.819 0.04 8.88 × 10−8 −0.33 0.719 0.04 1.70 × 10−19 

𝑥7 0.011 1.011 0.04 7.78 × 10−1 −0.24 0.787 0.04 3.51 × 10−10 

𝑥8 0.021 1.021 0.04 6.30 × 10−1 0.07 1.073 0.05 1.41 × 10−1 

𝑥9 0.328 1.388 0.04 2.24 × 10−13 −0.49 0.613 0.07 9.67 × 10−14 

𝑥10 −0.26 0.771 0.04 5.32 × 10−14 −0.17 0.844 0.04 4.62 × 10−6 

Similarly, Table 4 presents the results of two weighted multinomial logistic 

regression models, examining the relationship between various predictors and the 

likelihood of youth choosing “Mechanical” or “Electrical & Electronics” engineering 

relative to “Commercial Driving.” The relatively low baseline odds of 8.314 suggest 

that, when all other factors are considered as zero or at their reference levels, the 

probability of choosing “Mechanical” engineering is quite low. This might imply that 

other factors, such as educational level, financial problems, peers and vocational 

limitations in a geographical area or specific personal preferences, play a significant 

role in determining the choice of this field of engineering. This was supported by the 

fact that their corresponding p-values were less than the threshold (0.05). Again, this 

suggests that individuals with high educational background and strong financial 

problem are more likely to opt for this field. Also, in some communities, trainees were 

influenced to opt for “mechanical” engineering because, it wasn’t just a dominant 

TVET programme but that the other few ones available were not attractive to them. 

These geographical barriers and limited TVET options need serious consideration by 

stakeholders as mentioned earlier. If this is not checked, it can stifle other areas of 

economic growth and development. 

Again, parents and teachers were found to have negative correlations with the 

likelihood of choosing “Mechanical” engineering. This suggests that parents facing 

financial difficulties, as well as teachers who guid and offer counselling services are 

more likely to influence leaners to choose “Commercial Driving.” 



Journal of Infrastructure, Policy and Development 2024, 8(11), 8642. 
 

14 

In the case of the “Electrical & Electronics” engineering model, similar predictors 

turned out indicating similar interpretations and conclusions as in the case of 

“Mechanical” engineering option. Academic performance, self-motivation, teacher 

influence, and parental guidance were identified as significant predictors that 

negatively affected the choice of “Electrical & Electronics” engineering. This 

indicates that individuals with high academic performance or a strong self-motivation 

or positive teacher influence, and parental support are more likely to opt for 

“Commercial Driving” instead. This is evident from Table 4, supported by their low 

p-values less than the threshold (0.05). 

Based on these findings, the following policy implications and recommendations 

can be considered: That CTVET must take steps to promote excellence by 

implementing modern/attractive skills and hands-on technology-driven training 

programmes to enhance TVET among the youth. They must make sure that a variety 

of TVET of programmes are available and accessible. In addition, it is advised that 

stakeholders provide opportunities for the youth to develop self-motivation and goal-

setting skills. 

Addressing financial barriers, CTVET and the Ministry of Education as well as 

industries such as UNILEVER Ghana could implement some financial aid and 

scholarships to reduce the impact of financial problems on TVET. 

Enhancing teacher influence, it advised that teachers are Provided with 

professional development to equip them with the skills to inspire and guide students 

towards diversity of engineering and other related programmes careers. 

Inevitably, strengthening parental support is crucial as parents to play an active 

role in supporting their children’s education and career aspirations. As they do so, they 

should be mindful to take their interest and aspirations into consideration. 

Table 5. Modified logit models for Woodwork, sewing and Beauticians. 

Predictor 
Woodwork Sewing Beauticians 

𝜷𝒋 𝒆𝜷𝒋 𝑺𝒆 P-value 𝜷𝒋 𝒆𝜷𝒋 𝑺𝒆 P-value 𝜷𝒋 𝒆𝜷𝒋 𝑺𝒆 P-value 

Intercept −0.13 0.878 0.23 5.71 × 10−1 0.724 2.063 0.25 3.49 × 10−3 1.342 3.827 0.25 4.75 × 10−8 

𝑥1 0.037 1.038 0.04 3.16 × 10−1 0.203 1.225 0.03 3.95 × 10−9 0.019 1.019 0.04 5.92 × 10−1 

𝑥2 0.335 1.398 0.03 2.51 × 10−28 0.072 1.075 0.03 2.35 × 10−2 0.199 1.220 0.03 3.57 × 10−11 

𝑥3 −0.78 0.458 0.03 1.95 × 10−121 −0.57 0.566 0.03 6.62 × 10−74 −0.35 0.705 0.03 3.19 × 10−32 

𝑥4 0.316 1.372 0.04 2.23 × 10−16 0.176 1.192 0.04 3.05 × 10−6 0.175 1.191 0.04 3.05 × 10−6 

𝑥5 −0.19 0.827 0.05 3.10 × 10−4 −0.47 0.625 0.05 1.37 × 10−22 −0.4 0.670 0.05 1.89 × 10−16 

𝑥6 0.006 1.006 0.04 8.86 × 10−1 0.041 1.042 0.04 2.85 × 10−1 −0.19 0.827 0.04 1.26 × 10−7 

𝑥7 0.149 1.161 0.04 2.72 × 10−4 0.538 1.713 0.04 3.66 × 10−33 0.556 1.744 0.04 9.24 × 10−38 

𝑥8 −0.19 0.827 0.05 3.05 × 10−5 −0.01 0.990 0.04 7.39 × 10−1 −0.55 0.577 0.06 2.07 × 10−19 

𝑥9 0.309 1.362 0.04 2.66 × 10−12 −0.61 0.543 0.07 3.00 × 10−18 −0.3 0.741 0.06 3.90 × 10−6 

𝑥10 0.049 1.050 0.03 1.25 × 10−1 −0.05 0.951 0.03 8.63 × 10−2 −0.12 0.887 0.03 2.43 × 10−4 

Table 5 presents the results of the weighted logistic regression models, 

examining the relationship between various predictors and the likelihood of youth 

choosing “Woodwork,” “Sewing,” or “Beauticians” as their vocation. 

In Table 5, the weighted logistic regression models revealed the factors 
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influencing the likelihood of choosing “Woodwork,” “Sewing,” or “Beauticians” 

compared to “Commercial Driving.” 

When all predictors are zero, the baseline odds of choosing “Woodwork,” 

“Sewing,” and “Beauticians” are 0.878, 2.063, and 3.827, respectively. This suggests 

that “Beauticians” has the highest baseline probability of being chosen, followed by 

“Sewing” and then “Woodwork.” That is, the higher the odds, the higher the 

probability of being selected. The low p-values (less than 0.05 threshold) recorded in 

Table 5 for the three models indicate that several predictors are statistically significant 

in influencing the choice of vocation. For example, in the “Woodwork” model, only 

“Educational level,” “Academic performance,” and “Lucrativeness” were not 

significant. For the “Sewing” model, only “Academic performance,” “Self-

motivation,” and “Lucrativeness” were not significant. For the “Beauticians” model, 

only “Educational level” was not significant. The low and consistent standard errors 

across all models confirm the precision of the estimates. 

Key Findings therefore are that whilst “Financial Problems,” peers and one’s 

desire to be self-employed, largely influenced most youth to opt for “Woodwork,” 

“Sewing,” “Beauticians” parental and teacher influences were strong factors to 

determine their membership for “Commercial driving” instead. 

To promote educational attainment, improve access to vocational training, foster 

self-motivation, address financial barriers, and enhance career guidance, policymakers 

can implement targeted interventions. These efforts can help youth make informed 

vocational choices and improve their livelihoods. For example, though educational 

level was less important for “woodwork” and “Beauticians,” targeted programmes 

could emphasize practical training and skill development. In addition, the desire to 

become self-employed was important for all three models, encouraging self-

motivation can be beneficial for individuals considering various vocational paths, as 

it can help them overcome challenges and persevere. 

4. Discussions and conclusions 

The analysis of sampling-weighted MLR models revealed several significant 

predictors of vocational choices in the informal sector. These included “financial 

problems,” “parent influence,” “peer influence,” “teacher influence,” “self-

motivation,” and “vocational limitations.” 

Individuals facing financial difficulties were more likely to choose vocational 

careers that offered immediate income, such as “Commercial Driving.” This finding 

aligns with previous research by Boeren (2016) and King (2019), highlighting the 

economic constraints faced by youth in the informal sector. We think that financial 

challenges should not be a barrier to perusing a TVET programme of choice in the 21st 

century. The thinking of this research could not be far-fetched because, it aligns with 

the study in Uganda by Moses and Liu (2023), that TVET skill development plays a 

crucial role in transforming the informal sector in developing countries by equipping 

individuals with relevant skills and knowledge, that eventually promotes productivity, 

improve employment opportunities, and contribute to the overall development of the 

informal sector. They emphasised the importance of governments investing in TVET 

as a means of promoting economic growth and reducing poverty in developing 
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countries—the concern of many countries in Africa. 

“Parent influence” and “peer influence” played significant roles in shaping 

vocational choices. Parents and teachers often influenced youth towards “Commercial 

Driving,” while peers could positively or negatively influence decisions. These 

findings emphasize the importance of social networks and support systems in career 

development. 

Individual characteristics such as “Self-motivation” emerged as a crucial 

predictor, with positively influencing choices like “Woodwork,” “Mechanical,” 

“Hospitality,” and “Building Construction.” However, it negatively correlated with 

“Sewing,” “Beauticians,” and “Electrical & Electronics.” This suggests that self-

motivated individuals are more likely to pursue vocations aligned with their interests 

and aspirations. 

These outcomes agree with research conducted by Musset and Kurekova (2018), 

and Indecon (2019) in Ireland that parents, teachers and peers, have considerable 

influence on youth’s decision-making process towards career choice and implications 

for the job market. Musset and Kurekova (2018), who conducted their research under 

the auspices of the Organisation for Economic Co-operation and Development 

(OECD), however cautioned that teacher advice, though well-intentioned, may be 

biased towards higher education pathways. 

Addressing vocational limitations, the limited availability of vocational training 

programmes and the lack of attractive options constrained many youths to choose 

vocations they might not have preferred. These findings are consistent with previous 

research by relevant studies, such as King (2019, 2020), highlighting the challenges 

faced by youth in accessing quality vocational education. A joint study by the World 

Bank, International Labour Organisation (ILO) and United Nations Educational, 

Scientific and Cultural Organisation (UNESCO) in 2023, also highlighted numerous 

challenges, including limited access to resources, job insecurity, and poor working 

conditions and suggested strategies to support the informal sector such as improving 

access to TVET and finance, providing business development training, and promoting 

formalization. 

Interestingly, the lucrative nature and quick earnings associated with 

“Commercial Driving” influenced many youths to choose this vocation over other 

technical or vocational programmes. The opportunity to start as a driver’s mate and 

earn “chop money” during the learning period provided an attractive financial 

incentive. Perhaps, this motivated many parents and teachers to encourage the youth 

in this direction. 

A concerning revelation was the significantly higher odds of opting for a TVET 

programme for males compared to females. This finding aligns with previous research 

by relevant studies, e.g., Najoli, (2019) identifying gender disparities in TVET and 

STEM education. This disparity if not addressed by stakeholders, can contribute to 

high unemployment rates among females and increase their dependency. 

5. Recommendations 

Considering the challenges faced by youth in accessing vocational training and 

making informed career choices, several recommendations can be implemented. First, 
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promoting educational attainment and vocational training is crucial. Programmes 

should be developed to improve access to quality education, especially for females 

who often face additional barriers. These programmes must meet industry needs. This 

suggestion is consistent with the proposal by the International Labour Organization 

(ILO) report (2019), titled “Skills for Jobs: A Global Strategy for Technical and 

Vocational Education and Training (TVET),” that TVET education must align more 

closely with industry requirements, so they can significantly boost economic growth 

and job creation. This alignment can enhance the employability of graduates and 

contribute to sustainable development. Recent studies, jointly conducted by the World 

Bank, ILO and UNESCO in 2023 (World Bank, 2023), titled “Building Better Formal 

TVET Systems: Principles and Practice in Low- and Middle-Income Countries,” 

address the challenges and reforms in TVET in a similar way. 

A more targeted approach could result in higher enrolment rates and more 

successful transitions into the labour market. However, the success of these efforts 

depends on the ability to maintain sustained engagement with youth and their 

influencers over time. For example, mentees who face financial challenges should be 

supported by grants, low-interest loans, or scholarships. Implementing this 

recommendation will require significant financial resources and strategic partnerships 

between the government, financial institutions, and development organizations. 

Establishing a transparent and equitable process for distributing financial aid could be 

challenging, and the risk of mismanagement or corruption must be mitigated. 

Monitoring and evaluation mechanisms will need to be established to ensure that 

financial support is effectively reaching the intended beneficiaries. 

Furthermore, financial support could significantly reduce barriers to TVET 

participation for low-income youth, leading to increased enrolment and retention. 

However, the long-term impact will depend on the sustainability of these financial 

programmes and the ability of beneficiaries to repay loans or meet scholarship 

requirements. 

In addition, we recommend that mentees should receive career counselling and 

guidance from teachers, career counsellors, and industry experts, but with caution 

against negative influences. Expanding career counselling services will require 

investment in training for teachers, counsellors, and industry experts to ensure they 

are equipped to provide accurate and impartial advice. The challenge lies in ensuring 

consistency and quality across diverse educational settings. Additionally, addressing 

negative influences, such as bias or misinformation, requires ongoing professional 

development and oversight. 

However, effective career counselling can lead to better-aligned career choices, 

higher student satisfaction, and improved employment outcomes. But inconsistent 

implementation or insufficient training could undermine these benefits and perpetuate 

existing biases in career guidance. 

Some key personalities are parents and peers. Parental and peer involvement 

should be encouraged in the TVET process through informational seminars, 

workshops, or parent-teacher conferences. Engaging parents and peers require 

consistent outreach efforts, including culturally sensitive and accessible 

communication strategies. Logistics, such as timing and location of workshops, must 

be carefully planned to accommodate diverse family structures and socioeconomic 
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conditions. Ensuring widespread participation may be difficult, particularly in rural 

areas or among less-educated populations. Increased parental and peer involvement 

could create a supportive environment for youth pursuing TVET, reducing the stigma 

associated with vocational education. However, the extent of the impact will depend 

on the quality and frequency of the engagement activities and the ability to shift long-

standing cultural perceptions. 

For motivation, trainers should be motivated by setting clear goals, offering 

feedback, and acknowledging technical and vocational achievements. Implementing 

motivation strategies for trainers will require collaboration with educational 

institutions and professional development programmes. Defining clear goals and 

providing constructive feedback necessitates regular evaluation mechanisms and a 

culture of continuous improvement. Financial and non-financial incentives should be 

explored, though budget constraints and varying institutional capacities may pose 

challenges. 

Motivated trainers are more likely to deliver high-quality education, leading to 

better outcomes. However, the impact will vary depending on how effectively these 

motivation strategies are implemented and sustained over time. 

Public and private partnerships should be strengthened to provide TVET that 

meets industrial needs. Building strong public-private partnerships requires alignment 

of interests between the government and the private sector. This involves regular 

dialogue, shared goals, and clear frameworks for collaboration. Ensuring that 

partnerships are equitable and mutually beneficial can be challenging, particularly in 

sectors with differing priorities. The government may need to provide incentives for 

private sector participation, such as tax breaks or subsidies. 

Successful partnerships can help align TVET curricula with market demands, 

improving employment outcomes for graduates. However, the risk of focusing too 

narrowly on the immediate needs of industry, at the expense of broader educational 

objectives, must be managed. 

More importantly, CTVET should operationalize the Ghana National TVET 

Policy (2020) through active advocacy to attract more youth, especially females. 

Operationalizing the National TVET Policy will require a coordinated effort from 

government bodies, educational institutions, and advocacy groups. Active advocacy 

campaigns must be well-funded and carefully targeted to reach underrepresented 

groups, such as females. Implementation challenges may include overcoming cultural 

barriers, ensuring equitable access to programmes, and securing long-term funding for 

advocacy efforts. Successfully operationalizing the policy could lead to increased 

enrolment in TVET programmes, particularly among females, thereby addressing 

gender disparities. The broader impact will depend on the effectiveness of the 

advocacy campaigns and the extent to which they can shift societal perceptions of 

TVET as a viable and attractive career path for all youth. 

In Conclusion, this research highlights the complex factors influencing 

vocational choices in the informal sector. By addressing these challenges and 

implementing targeted interventions, policymakers can enhance livelihoods and 

promote economic development. 
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