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Abstract: The study’s goal was to investigate the impact of e-learning determinants on student 

satisfaction and intention to use e-learning tools. The dependent and independent variables in 

this study were based on the technological acceptance model. The study examines three 

determinants, including usefulness, ease of use, and facilitating conditions, as independent 

variables, while student satisfaction and intention to use were used as dependent variables. 

Additionally, this study is unique by adding student satisfaction as a dependent variable and a 

mediator to examine the relationship between e-learning determinants and intention to use. A 

questionnaire was prepared and distributed to 324 undergraduate students from Jordan’s 

private universities on the basis of a convenience sample. The proposed hypotheses were 

investigated using the quantitative techniques of regression in SPSS and SEM in AMOS. The 

findings of this study revealed that student satisfaction and intention to use e-learning were 

positively impacted by e-learning determinants. It found that intention to use was positively 

impacted by student satisfaction. Furthermore, e-learning intention to use was found to be 

positively impacted by e-learning determinants via student satisfaction. Universities and other 

educational institutions are advised to identify the appropriate e-learning determinants that 

satisfy students’ demands and motivate them to use e-learning tools in light of the study’s 

findings. Private universities can accomplish their goals, stay ahead of the competition, and 

obtain a competitive advantage by properly understanding e-learning determinants, student 

satisfaction, and the application of successful e-learning solutions. 

Keywords: usefulness; ease of use; facilitating conditions; student satisfaction; intention to 

use; higher education 

1. Introduction 

Due to the unexpected COVID-19 epidemic outbreak that lasted from the end of 

2019 to mid-2020, many countries-imposed lockdown and curfew policies. These 

policies led to the closure of all business sectors and educational institutions in many 

countries across the world. Among the industries most affected by these policies are 

educational institutions. Subsequently, numerous nations have made requests for 

educational institutions to transition from traditional classroom activities to virtual 

ones. Governments in a few nations have mandated that colleges and universities adopt 
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new teaching methods in place of their outdated ones. As a result, educational 

institutions began implementing new technological tactics, such as distance learning. 

This led to a profound shift in the educational landscape and a notable rise in the global 

adoption of e-learning technologies. Due to these circumstances, the education sector 

saw a significant upheaval that resulted in a tremendous increase in the use of e-

learning technology worldwide. According to Zhang et al. (2021), students were 

suddenly confronted with the extraordinarily difficult challenge of self-regulating their 

learning activities at home in the midst of the COVID-19 epidemic. Additionally, as a 

part of the educational system, students were compelled to abandon traditional 

learning in favor of e-learning activities. Consequently, e-learning has voluntarily 

replaced traditional teaching and learning methods in many educational institutions. 

According to Getuli et al. (2020) and Muthuprasad et al. (2020), these technologies 

can help us learn and grow our thinking skills in new ways. However, other research 

has found that developing technologies may have a detrimental impact on cognitive 

growth, particularly in terms of attention and memory (Small et al., 2022). The 

transition from offline to online learning during COVID-19 has caused students to lack 

instructors’ guidance and motivation, requiring them to have a greater ability to 

regulate themselves in their learning (Abbasi et al., 2020; Banihashem et al., 2023; 

Khan et al., 2021; Nambiar, 2020). 

Nowadays, e-learning is a new and fundamental method of teaching in Jordan, 

and it has emerged as a critical tool for providing learning activities in universities and 

other academic institutions. Jordan, like other countries, gained from the revolution in 

information and communication technology, which served as the focal point of the 

country’s efforts to create e-learning programs (Al-Ali et al., 2024; Zamil and Areiqat, 

2020). The rapid proliferation of e-learning and communication devices has created 

an increasing need for e-learning assessments to ensure high-quality e-learning. 

Therefore, governments and educational institutions should set aside funds and give 

students the chance to acquire the skills and knowledge necessary to use e-learning 

technologies (Hammouri et al., 2021; Sahin and Shelley, 2008). 

Clearly, there are some gaps that this study attempts to close. As previously 

stated, there is a lack of studies on the determinants that influence student satisfaction 

and intention to use e-learning technologies in Jordan’s educational sector. This study 

presents a critical examination to improve understanding of technological acceptance 

and adoption. Furthermore, to our knowledge, no previous study has examined student 

satisfaction with e-learning tools in Jordan. Finally, the authors expect that this study 

will contribute to the body of knowledge on satisfaction and technological acceptance 

studies in general. 

Furthermore, understanding the variables influencing students’ system 

acceptance is critical to the success of e-learning activities. Therefore, the primary goal 

of this study is to examine the determinants that affect student satisfaction and 

intention to use e-learning at Jordanian private universities. Therefore, understanding 

the determinants that affect students’ choices to use or not use e-learning technologies 

is also crucial. Consequently, the following objectives for the research have been 

established: 

⚫ Exploring the relationship between e-learning determinants and student 

satisfaction. 
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⚫ Identify the relationship between e-learning determinants and intention to use. 

⚫ Investigating the relationship between student satisfaction and intention to use. 

⚫ Determine the relationship between e-learning determinants and intention to use 

e-learning technologies through student satisfaction. 

Regardless of the advantages and benefits of e-learning, in order for it to be 

successfully accepted and embraced by students, we must first discover the 

determinants that influence their behavior in favor of e-learning. The effectiveness of 

online learning systems is determined not only by the satisfaction of students but also 

by their willingness to continue using them. To achieve the stated objectives, the study 

will address the following questions: 

⚫ To what extent do e-learning determinants influence student satisfaction and 

intention to use e-learning tools? 

⚫ To what extent does student satisfaction influence students’ intentions to use e-

learning tools? 

⚫ To what extent do e-learning determinants influence students’ intentions to use 

e-learning tools through student satisfaction? 

2. Literature review 

The way a student views technology significantly influences whether or not they 

use it. In this study, we believe that the three determinants that influence the student’s 

satisfaction and intention to use are usefulness, ease of use, and facilitating conditions. 

The three primary determinants will encourage students to adopt the modern 

technology systems, modify their behavior, and start utilizing them right away. As a 

result, knowing why people adopt or reject modern technology is critical. 

2.1. Perceived usefulness (PU) 

The first and most crucial factor influencing whether technology will be accepted 

is how valuable people believe it to be. Perceived usefulness is the perception that 

employing technology may help a person perform better at work (Davis, 1989; Davis 

et al., 1989). Conversely, Seddon (1997) described it as a sign that an individual 

believes using a specific system has enhanced the way he, his group, or organization 

completes work. Increased performance and utility can result from increased perceived 

usefulness. Alkailani and Nusairat (2022) proposed that a student’s attitude towards a 

modern technology might be influenced by its perceived usefulness, potentially 

yielding positive or negative outcomes for their performance and productivity. In this 

context, perceived usefulness refers to how students view the value of the online 

learning environment. Additionally, the usefulness of an e-learning system has a 

considerable influence on whether or not to use it (Punnoose, 2012). Al-Fraihat et al. 

(2020); Jatmikowati et al. (2020); Kaur et al. (2023); Li et al. (2021) and Taat and 

Francis (2019) found that the utility dimension has a substantial influence on e-

learning tool acceptability. Consequently, 

H1.1: Student satisfaction is positively influenced by perceived usefulness. 

H2.1: Students’ intention to use is positively influenced by perceived usefulness. 
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2.2. Perceived ease of use (PEOU) 

The perceived ease of use is the second aspect that influences whether or not 

people accept technology. Davis et al. (1989) defined ease of use as a person’s 

expectation of easy access to a certain system. To put it another way, PEOU denotes 

a person’s conviction that utilizing technology is easy and does not require any work 

or difficulty (Lin et al., 2010; Wang and Brookshire, 2018). All difficulties will 

therefore be managed and resolved without difficulty; otherwise, issues will arise. 

Researchers Li et al. (2011) and Poong et al. (2016) found that PEOU had an indirect 

impact on students’ intentions to use e-learning technologies for their studies. 

Consequently, in the context of e-learning, PEOU refers to the student’s perception 

that the technological platform and associated learning activities are user-friendly and 

less complex. Caffaro et al. (2018) stated that inexperienced users are more likely to 

face difficulties in using the latest technology and are more likely to complain about 

it. The ease of using technology predicts the user’s desire for technology, subsequent 

intentions, and actual usage (Devis, 1989). Furthermore, ease of access and user effort 

while using a particular technology are defined as “perceived ease of use” (Selamat 

and Jaffar, 2010). Furthermore, Al-Emran et al. (2020); Binyamin et al. (2019); El-

Aasar and Farghali (2022); He et al. (2022) and Sakarji et al. (2019) found in their 

studies that perceived ease of use and perceived usefulness had a significant impact 

on attitudes toward e-learning. In contrast, Ho et al. (2020) found in their study that e-

learning determinants have no significant influence on attitudes about e-learning. 

Therefore, 

H1.2: Student satisfaction is positively influenced by ease of use. 

H2.2: Students’ intention to use is positively influenced by ease of use. 

2.3. Facilitating conditions (FCs) 

Facilitating conditions are defined as an individual’s judgment of the 

infrastructure available to facilitate the usage of a technology (Fauzi et al., 2021; 

Venkatesh et al., 2012). In addition, FCs are perceptions of appropriate assistance to 

help students use e-learning technologies (Ajzen, 1991; Pelling and White, 2009). 

Likewise, facilitating conditions are the resources and infrastructure universities and 

educational institutions allocate to help students perform their tasks and attain their 

goals (Ogunode, 2020). Therefore, students expected that their universities and 

academic institutions would be ready to provide the assistance and support required to 

know how to operate the e-learning technologies. Additionally, students with limited 

technological abilities should be offered a training course to ensure they learn how to 

use the system (Giannakos et al., 2021). As a result, universities and educational 

institutions should allocate resources and build an adequate infrastructure to improve 

students’ technology skills and motivate them to accept the system for e-learning 

technologies (Hoq, 2020). In this context, Baber (2020); Kalsoom et al. (2022); 

Sukendro et al. (2020) and Wongwatkit et al. (2020) discovered that facilitating 

conditions have a significant impact on student satisfaction and acceptance of e-

learning, whereas Abbad (2021) and Gautam et al. (2021) discovered that facilitating 

conditions have a weak positive effect. Therefore, 

H1.3: Student satisfaction is positively influenced by facilitating conditions. 
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H2.3: Students’ intention to use is positively influenced by facilitating conditions. 

2.4. Student satisfaction (SAT) 

The most vital component of e-learning technology is satisfaction. It is the fruit 

of all the many e-learning tasks that students have been given. According to Wu et al. 

(2010), satisfaction is often defined as the satisfaction of a student’s emotions around 

the benefits they anticipate from a teaching method. Furthermore, Feng et al. (2022) 

defined satisfaction as students’ assessment of how satisfied they are with their 

decision to use e-learning and how well it meets their expectations, as well as their 

plan to continue using e-learning after COVID-19. Satisfaction is described as a 

crucial indicator of a learning system’s effectiveness (Al-Fraihat et al., 2020; Joudeh 

et al., 2021; Liao et al., 2022; Yukselturk and Yildirim, 2008). Additionally, the 

student employs satisfaction as an assessment method to compare the outcomes to 

their expectations. As a result, students show both positive and negative attitudes 

towards e-learning activities (Giray, 2021). Students who have positive attitudes are 

more likely to be satisfied with their e-learning activities and encourage others to use 

them as well. Students who are unsatisfied, on the other hand, are more likely to have 

negative attitudes toward e-learning activities and to spread unfavorable opinions. 

Therefore, investigating what satisfies students makes meeting and increasing their e-

learning skills easier (Shaiba et al., 2023). According to Joudeh and Dandis (2018), 

this can boost customer (student) satisfaction, which in turn may increase customer 

(student) loyalty. Several previous studies investigated the influence of e-learning 

determinants on student satisfaction and intention to use e-learning tools. Al-Emran et 

al. (2020) and El-Aasar and Farghali (2022) discovered that perceived ease of use is a 

significant predictor of the intention to use e-learning, although perceived usefulness 

and satisfaction were shown to be significant determinants of intention to use. 

Abdullah et al. (2022) and Kee et al. (2023) found students’ satisfaction was a 

significant mediator between all the e-learning factors and their intention to use them. 

Other studies, such as those by Bahati et al. (2021) and Li et al. (2021) found that 

satisfaction had no significant effect on student intention to use. Consequently, 

H1: Student satisfaction is positively influenced by e-learning determinants . 

H2: Students’ intention to use is positively influenced by students’ satisfaction. 

2.5. Intention to use (IU) 

According to Chahal and Rani (2022), intention to use is an individual’s desire 

to engage in a specific behavior. The desire of the learner to decide whether to use 

technology is indicated by their behavioral willingness to use it (Al-Gasawneh et al., 

2023; Al-Mekhlafi et al., 2022; Venkatesh et al., 2012). To determine the barriers that 

affect intended behavior, intention is thus employed as an indication (Ajzen, 2020; 

Ajzen, 1991). Moreover, behavioral intention describes a person’s inclination to 

employ technology in the future. Besides, the tendency to use technology in the future 

is referred to as a behavioral intention. Consequently, adoption of technology is 

established (Alharbi et al., 2022; Nusairat et al., 2021; Teo, 2011). Robin and Dandis 

(2022) define “behavioral intention to use” as an individual’s desire to use a 

technology or perform an action. Additionally, according to Ajina et al. (2023) and 
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Ajzen (1991), “Behavioral intention to use” refers to a person’s readiness to participate 

in a given activity and is regarded as the direct antecedent. Ashrafi et al. (2022), in 

their study, found that usefulness is the strongest predictor of students’ continuance 

intention and also indicated that students’ attitudes and their satisfaction had no 

significant influence on their continuance intention to use. A study by Al-Emran et al. 

(2020); Daneji et al. (2019); El-Aasar and Farghali (2022); Mariia and Strzelecki 

(2020) and Noroozi et al. (2024) revealed that e-learning determinants and satisfaction 

had a significant influence on continued use of e-learning. Conversely, Chung et al. 

(2020) and Li et al. (2021) found that e-learning determinants had no effect on 

intention to use. Consequently, 

H3: Students’ intention to use e-learning is positively influenced by e-learning 

determinants. 

H4: Students’ intention to use e-learning is positively influenced by e-learning 

determinants through students’ satisfaction. 

3. Methodology 

3.1. Research model 

Figure 1 shows the proposed model for this inquiry. The approach evaluated an 

e-learning tool’s usefulness, ease of use, and facilitating conditions in order to gauge 

student satisfaction and intention to use it. The variables of the technology acceptance 

models of Davis (1989); Davis et al. (1989); Venkatesh et al. (2012) and Venkatesh 

and Davis (2000) serve as the basis for our model in this work. 

 

Figure 1. Proposed model. 

3.2. Data collection 

The current study used a quantitative technique, which is widely recognized as 

one of the most effective research approaches for contacting the sample and gathering 

primary data. The current study’s instrument is a questionnaire, with questionnaire 

items developed and modified based on previous research in the same field. A five-

point Likert scale was used to estimate each item. In addition, all theoretical data was 

drawn from trustworthy secondary sources to bolster the research’s assertions of data 

and facts. 
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3.3. Sampling 

The sample for this study was made up of undergraduate students from Jordan’s 

private universities who volunteered to take part. To increase response rates, the 

questionnaire was provided to students directly, both by hand and online, during the 

second semester of the 2022–2023 academic year. Data collection was made easier by 

using a convenient sampling technique. Moreover, 347 questionnaires were collected, 

and 23 were invalid due to missing information. Therefore, 324 questionnaires were 

valid for statistical analysis, or 93% of the total. 

3.4. Questionnaire 

The questionnaire had 23 items and was divided into three sections, as shown in 

Tables 1 and 2. Part A contains information about students’ demographic backgrounds 

(gender, age, and faculty). Part B contains items about the determinants of e-learning, 

and part C contains items about satisfaction and intentions to use. 

4. Research results 

SPSS and AMOS were used to analyze the data. Sub-hypotheses and descriptive 

statistics are analyzed using regression in SPSS, and the main hypotheses were 

evaluated using the SEM of AMOS. This study employed Cronbach’s alpha, 

confirmatory factor analysis (CFA), and model fit indices to assess the reliability and 

validity of the suggested model. 

4.1. Demographic information 

Table 1 shows the participants’ demographic characteristics. Most students were 

female, as shown in Table 1, with 207 (64%) female participants and 117 (36%) male 

participants. 194 (60.6%) are between the ages of 18 and 20, 79 (24.4%) are between 

the ages of 21 and 23, and 51 (16%) are beyond the age of 24. In terms of faculties, 

221 (68%) of students attend scientific faculties, while 103 (32%) attend humanities 

faculties. 

Table 1. Students’ information. 

Students’ information F % 

Gender: 

Male 117 36 

Female 207 64 

Age: 

18–20 194 60.6 

21–23 79 24.4 

24 and more 51 16 

Faculty: 

Humanities 103 32 

Sciences 221 68 

Total 324 100 
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4.2. Questionnaire analysis 

In addition to Cronbach’s alpha, confirmatory factor analysis (CFA), construct 

reliability (CR), and extracted average variances (AVE), Table 2 displays the answers 

to questionnaire statements. 

Table 2. Analysis of variables. 

Statements F. Loading CR AVE Alpha 

Perceived usefulness (PU) 

My performance is improving as a result of using e-learning system. 0.826 

0.928 0.742 0.916 
E-learning systems is increasing my productivity. 0.765 

E- learning technology enhances my learning activities. 0.737 

I am able to do my tasks faster because to e-learning system. 0.749 

Perceived ease of use (PEOU) 

The use of e-learning activities is straightforward. 0.802 

0.934 0.762 0.835 
E-learning activities are simple to grasp. 0.754 

It is simple to become skilled at using e-learning system. 0.715 

It takes little effort to interact with e-learning. 0.618 

Facilitating conditions (FCs) 

I have everything I need to get started with e-learning system. 0.753 

0.878 0.786 0.844 

My university has all the facilities in place. 0.789 

A hotline is available at any time. 0.742 

When there is a problem, it is simple to inquire. 0.814 

A specific group is available for assistance. 0.767 

Satisfaction (SAT) 

I am pleased with my choice to use e-learning. 0.684 

0.932 0.841 0.907 
I am happy with e-learning’s benefits. 0.681 

The services that the online learning activities offer satisfy me. 0.723 

My experience with e-learning has been great. 0.728 

Intention to use (BI) 

I want to use e- learning to finish my degree. 0.783 

0.936 0.740 0.876 I plan to include e-learning into my future academic endeavors. 0.838 

I will encourage colleagues to participate in e-learning. 0.781 

4.3. Measurement model 

The validity and reliability of the measurement were evaluated. In addition, 

assessments of validity and reliability were performed to ensure that each variable’s 

items had internal validity and consistency. As shown in Table 2, every loading factor 

rating on every item was higher than 0.50, as advised by Hair et al. (2019). Sarstedt et 

al. (2021) state that composite reliability (CR) scores should be at or above 0.70, and 

Gefen and Straub (2005) state that AVE ratings should be more than 0.50. 

Furthermore, the Cronbach alpha coefficient was more significant than the 0.70 

threshold recommended by Sekaran and Bougie (2016). The data shows that all items 

and constructs were above the threshold. In addition, the validity of the variables was 

evaluated using the fit model. In Table 3, the (χ2/df) value was 2.38, which was less 
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than the recommended value of 5. The recommended limit of 0.80 is exceeded by the 

AGFI result of 0.815. The RMSEA value is 0.076, which is less than the required limit 

of 0.10. The NFI is also 0.937, the CFI is 0.925, and the GFI is 0.921, all of which are 

greater than 0.90. As a result, all the findings support the questionnaire’s reliability 

and validity. 

Table 3. Model fit indices. 

Model AGFI χ2/df GFI RMSEA CFI NFI 

Recommended >0.80 <5 >0.90 ≤0.10 >0.90 >0.90 

References 
(Shevlin and Miles, 

1998). 

(Tabachnick and 

Fidell, 2007) 

(Shevlin and Miles, 

1998). 

(MacCallum et al., 

1996) 

(Hu and Bentler, 

1999). 

(Hu and 

Bentler, 1999). 

Value of model 0.815 2.38 0.921 0.076 0.925 0.937 

4.4. Test of sub-hypotheses 

Before evaluating the main hypotheses, regression analysis was used to 

investigate the sub-hypotheses on how e-learning determinants affected student 

satisfaction and intention to use e-learning tools. The results for the sub-hypotheses 

are presented in Tables 4 and 5. The sub-hypotheses are evaluated as follows: 

Table 4. The impact of e-learning’s determinants on student satisfaction. 

Hypotheses Variables R R2 β T Sig. T 

H1.1 Perceived usefulness 0.575 0.491 00. 637 5.514 0.000 

H1.2 Perceived ease of use 0.637 0.556 00. 579 4.983 0.000 

H1.3 Facilitating conditions 0.532 0.462 00. 428 4.287 0.000 

Regression analysis was employed in the study to investigate how e-learning 

determinants affected student satisfaction, as Table 4 illustrates. Table 4 shows that 

every e-learning determinant significantly and favorably affected student satisfaction: 

PU (β = 63.7; P = 0.000), PEOU (β = 57.9; P = 0.000), and FCs (β = 42.8; P = 0.000). 

Furthermore, the correlation coefficient of e-learning determinants revealed a 

significant relationship between PU (R2 = 0.491), PEOU (R2 = 0.556), and FCs (R2 = 

0.462). 

Table 5. The impact of e-learning’s determinants on intention to use. 

Hypotheses Variables R R2 β T Sig. T 

H2.1 Perceived usefulness 0.450 0.366 0.470 8.875 0.000 

H2.2 Perceived ease of use 0.727 0.263 0.443 9.659 0.000 

H2.3 Facilitating conditions 0.443 0.216 0.251 9.826 0.000 

Similarly, Table 5 illustrates how e-learning determinants affect e-learning 

intention to use. The regression analysis revealed that the PU (β = 47.0; P = 0.000), 

PEOU (β = 44.3; P = 0.000), and FCs (β = 25.1; P = 0.000) The determinants of e-

learning were all significant and positively influenced the intention to use them. 

Additionally, a strong correlation between intention to use and the e-learning 

determinants correlation coefficient was shown with PU (R2 = 0.366), PEOU (R2 = 
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0.263), and FCs (R2 = 0.216). 

4.5. Test of main hypotheses 

The main hypotheses were assessed, and the relationship between the variables 

was looked into using the SEM technique. The direct and indirect influences between 

the variables are exhibited in Table 6, where p-values of less than 0.05 are considered 

statistically significant. The results of the direct and indirect effects are as follows: 

The standardized direct impact of e-learning determinants on student satisfaction 

is β = 64.9, and the hypothesis (H1) results for this influence on student satisfaction 

indicate that t = 13.516 and P = 0.000 are significant at the 0.05 level. Hypothesis (H2) 

illustrates how e-learning determinants affect intention to utilize. which reveals that t 

= 5.677 and the standardized direct effect of e-learning determinants on intention to 

use, β = 53.7, were significant at the 0.05 level, with P = 0.000. Furthermore, 

hypothesis (H3) demonstrates that t = 8.753 and the standardized direct effect of 

students’ satisfaction on their intention to utilize, β = 34.5, were significant at the 0.05 

level, with P = 0.000. Furthermore, hypothesis (H4) demonstrates the indirect impact 

of e-learning variables on intention to use through student satisfaction. Table 6 

displays the results, which were significant at the 0.05 level with a P value of 0.000. 

The standardized indirect effect of e-learning determinants on intention to use through 

students’ satisfaction β = 31.8 and t = 6.495. 

Table 6. Direct and indirect results of testing hypotheses. 

Hypotheses Direct impact Indirect impact T-value P Decision 

H1 Satisfaction ← Determinants 0.649 

- 

13.51 0.000 Supported 

H2 Intention to use ← Determinants 0.537 5.677 0.000 Supported 

H3 Intention to use ← Satisfaction 0.345 8.753 0.000 Supported 

H4 Intention to use Satisfaction Determinants 0.318 6.495 0.000 Supported 

5. Discussion 

The aim of the present study was to examine how e-learning determinants 

affected student satisfaction levels and the intention of use of e-learning tools. 

Furthermore, as e-learning determinants, usefulness, ease of use, and facilitating 

conditions were considered. Additionally, student satisfaction moderated the 

relationship between e-learning determinants and intention to use. The questionnaires 

(n = 324) were obtained from Jordanian private universities. All the theories proposed 

had strong and positive influences and relationships. Given this framework, the current 

study was able to uncover the following conclusions about the primary hypothesis and 

sub-hypotheses:  

When the e-learning determinants are studied separately, the findings 

significantly impact student satisfaction and intention to use them. Student satisfaction 

is most impacted by the usefulness outcome. (β = 63.7%; R2 = 49.1%), followed by 

ease of use (β = 57.9%; R2 = 55.6%) and facilitating conditions (β = 42.8%; R2 = 

46.2%). Furthermore, the study discovered that e-learning determinants have a high 

influence on the intention to use online learning, with usefulness having the highest 

impact (β = 47%; R2 = 36.6%), followed by ease of use (β = 44.3%; R2 = 26.3%), and 
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facilitating conditions (β = 25.1%; R2 = 21.6%). The study found that all e-learning 

determinants significantly affect student satisfaction and intention to use e-learning 

tools, albeit to different degrees. All these results agree with the studies of Al-Emran 

et al. (2020); Al-Fraihat et al. (2020); Binyamin et al. (2019); Baber (2020); He et al. 

(2022); Jatmikowati et al. (2020); Kaur et al. (2023); Kalsoom et al. (2022); Li et al. 

(2021); Sukendro et al. (2020); Sakarji et al. (2019); Taat and Francis (2019) and 

Wongwatkit et al. (2020) that the determinants of e-learning proposed in this study—

usefulness, ease of use, and facilitating conditions—have a significant positive impact 

on the satisfaction and acceptance of e-learning tools. Moreover, the results disagree 

with the studies of Abbad (2021), Gautam et al. (2021) and Ho et al. (2020), who found 

the determinants of e-learning had no impact on satisfaction or acceptance of e-

learning tools. 

The study found that all e-learning determinants have a direct and indirect effect 

on student satisfaction and intention to use e-learning tools. The findings of the 

statistical study reveal that student satisfaction is directly impacted by e-learning 

determinants. (β = 64.9%), followed by their intention to use (β = 53.7%). This study’s 

findings agree with those of El-Aasar and Farghali (2022) and Al-Emran et al. (2020), 

who found that e-learning determinants had a significant impact on student satisfaction 

but disagree with those of Abdullah et al. (2022) and Kee et al. (2023), who found that 

satisfaction had no significant effect on student intention to use. Furthermore, our 

study coincided with Abdullah et al. (2022) and Kee et al. (2023), who found that 

satisfaction was a significant mediator between all e-learning determinants and 

intention to use. 

Additionally, the results of the study indicated that students’ intention to use e-

learning is directly influenced by their satisfaction (β = 34.5%). This study discovered 

that the e-learning determinants have a positive indirect impact on e-learning intention 

to use through student satisfaction (β = 31.8%) in addition to their direct impacts. 

Finally, the findings demonstrated that each hypothesis had a significant and 

advantageous relationship. This study’s findings are consistent with those of Ashrafi 

et al. (2022); Al-Emran et al. (2020); Daneji et al. (2019); El-Aasar and Farghali 

(2022) and Mariia and Strzelecki (2020), who discovered that e-learning determinants 

and satisfaction had a significant influence on continued use of e-learning, but 

inconsistent with those of Chung et al. (2020) and Li et al. (2021), who discovered that 

e-learning determinants had no effect on intention. 

6. Conclusions and recommendations 

The findings of this study indicate that e-learning determinants play a significant 

role in boosting student satisfaction with and intention to use e-learning tools in their 

coursework. Furthermore, the study demonstrated the importance of usefulness, ease 

of use, and facilitating conditions when implemented in a manner that leads to student 

satisfaction and intention to use the e-learning process. Additionally, this study found 

that the level of satisfaction, the intention to use e-learning, and the suggested e-

learning determinants were all correlated in both direct and indirect ways. In light of 

the study’s findings, universities and other educational institutions are advised to 

determine the proper e-learning determinants that meet students’ needs and encourage 
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them to use e-learning tools. Private universities that have a solid understanding of e-

learning determinants, satisfaction among students, and the implementation of 

effective e-learning solutions can achieve their objectives, stay ahead of the 

competition, and gain a competitive advantage. 

7. Limitations and future studies 

Several limitations should be noted in this study. First, the statistical basis 

indicated that the sample size was sufficient, but it was small, as the authors planned. 

Future studies should increase the sample size to improve the validity of the results. 

Second, the sample consisted of students enrolled in private universities; students 

enrolled in public universities were not included in this study. Future studies should 

involve studying public universities or better comparing them to private universities. 

Third, the current study’s population was in excess of 64% female, which may have 

biased the distribution of the results. Therefore, researchers should take this point into 

consideration when conducting future studies so that the study does not appear biased. 

Moreover, this point leads us to suggest future studies on the basis of gender, 

geography, personality traits, or cultural differences. Finally, this study concentrated 

on three independent factors—usefulness, ease of use, and facilitating conditions—

without investigating more variables that may impact satisfaction and intention to use 

e-learning tools. In future studies, researchers may investigate variables other than 

those reported in this study. Future studies can include more variables, such as self-

efficacy, content quality, and system quality, to gain a more comprehensive 

understanding of the topic. 
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