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Abstract: Purpose: The major objective of this study is to measure the impact of various
attributes, such as social attraction, physical attraction, and task attraction on para-social
relationships. The study also seeks to measure how the para-social relationship mediates the
association between the three attributes (above-mentioned) on perceived credibility and
informational influence, and consumers’ intention to purchase banking products. Study
design/methodology: PLS-SEM has been used as it is believed to be most suited for the study
due to the multivariate non-normality in the data, and the small sample size. Data has been
collected using the 5-point Likert scale from approximately 151 respondents, who were
selected using the non-random sampling method based on purposive sampling coupled with
convenience-based sampling. The data was collected from January 2023 to August 2023.
Findings: Largely, the findings reveal that both social and physical attractions do have a
positive impact on the para-social relationship, further leading to perceived credibility and
informational influence. Notably, this perceived credibility and informational influence lead to
consumers’ intentions to purchase banking products, albeit with the use of artificial
intelligence-based chatbots and digital assistants. Originality: This is possibly among the
first-ever studies extending the para-social theory for purchasing banking products and
services using artificial intelligence-based chatbots and virtual assistants.

Keywords: para-social theory; task attraction; social attraction; physical attraction; chatbots
and virtual assistants
JEL Code: 0O3; RO

1. Introduction

Artificial Intelligence has increasingly been used for online banking and for
availing financial services. Its major benefit is that it helps to provide personalized
services to consumers. In other words, Artificial intelligence-based chatbots and
interactive voice assistants help in enabling more customer-centric banking (Indriasari
et al., 2019). Personalization of banking services has become an important strategic
move to leverage customer engagement and retention, besides a great avenue to attract
new customers (Mittal and Lassar, 1996). Within the Indian context, the government
in recent times has vigorously promoted consumer rights through greater importance
and relevance to customer service and care (Gorry and Westbrook, 2011). This is
possibly the main reason owing to which, service organizations including banks and
financial institutions are increasingly moving to Artificial intelligence-based tools (e.g.
chatbots and voice assistants) for superior customer service and experience, along with
product marketing (Janarthanam, 2017). A McKinsey report, (McKinsey and
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Company, 2021) suggests that the potential revenue for using Artificial intelligence-
based tools in banking has grown to be worth more than 1 trillion USD. To overcome
the challenges in the form of legacy systems, data silos, asset quality, and limited
budgets, banks are increasingly using Artificial intelligence Know your customers,
and chatbots for providing 24 =<7 services to provide personalized customer services.
Some of the common examples from Indian banks include the likes of Sia by State
Bank of India, Amazon Alexa and Google Assistant by ICICI Bank, and the virtual
assistant Aha! by Axis Bank. Notably, extant research has shown that when consumers
have greater confidence in Artificial intelligence-driven chatbots and interactive voice
assistants, their purchase probability increases manifold (Rzepka et al., 2022).

Interestingly however, literature exploring the impact of such technologies, like
artificial intelligence in terms of understanding and assessing the purchase intentions
of banking customers seems to be limited, specifically for ones belonging to
developing nations (Kulathunga, 2018). Many studies in the past have thereby
highlighted the need for exploring the factors that impact the contribution of artificial
intelligence tools in persuading bank customers to purchase goods and services or
transact online (Tulcanaza-Prieto et al., 2023). Advertising also seems to be losing its
sheen in promoting the increased use of banking services, including 24 <7 customer
care, owing to which, access to customer grievances is becoming the differentiating
factor in promoting banking among consumers (Saxena and Kaur, 2018). This study
thereby focuses on some of the key factors that help banks boost banking through the
use of Artificial intelligence tools.

Further, within the scope and context of this study, parasocial relationship refers
to the consumer’s non-face-to-face psychological relationship with the Artificial
intelligence-driven chatbots and voice assistants (Noor et al., 2022). Several studies,
for instance, have highlighted that parasocial relationship is an important factor that
impacts consumers’ purchase intention through the use of Artificial intelligence-based
agents (i.e. both chatbots and voice assistants). Drawing upon the above-mentioned
limitation, it may be noted that no study has specifically explored the impact of
artificial intelligence-based tools on consumers’ purchase intention through various
attributes of parasocial relationships, impacted in turn, by both the physical and
tangible dimensions of the application.

Previous studies have indeed established the role of interpersonal attraction that
enables banking customers to build social relationships with digital characters, such
as chatbots and voice assistants (Beattie et al., 2020). The study (Sokolova and
Kefi ,2020) hypothesizes that task attraction enhances the para-social relationship,
which in turn, leads to enhanced purchase intention through informational influence
and perceived credibility. Task attraction herein refers to the desire of a customer to
finish a task well, using Artificial intelligence-based tools like chatbots, or voice
assistants (Edwards et al., 2019). Since 24 <7 voice assistants and chatbots promote
access to important information around the clock, it enables the user or the consumer
to achieve task goals with ease and enhances the consumers’ purchase intention in the
process (Aamodt and Nygad, 1995). Access to information provided by the voice
assistant and the chatbots further strengthens the para-social relationship. Apart from
the para-social relationship, perceived credibility in artificial intelligence-led
technology and digital assistants also enhances the consumers’ purchase intention.
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Perceived credibility herein, refers to the trust that a consumer has in the digital version

of the customer assistant and/or chatbots, (Pornpitakpan, 2004). Interestingly, even

physical attraction and the appearance of digital assistants have an important impact
on para-social relationships. Finally, social attraction and conformity to social values,
along with gender stereotypes also impact the parasocial relationship between the
digital avatar of bank services and the consumer (Yuan et al.,2016) Thus, this study
aims to explore various factors that impact consumers’ purchase of banking goods and
services, using the theoretical constructs of parasocial relationships and interpersonal
relationships in the form of task attraction, social attraction, and physical attraction of
digital interfaces through artificial intelligence-based tools.

Largely, we focus on the following research questions:

1) Does artificial intelligence used by banks in form of the chatbots and voice
assistants impact the para-social relationships of the banks with customers?

2) Do the interactions with technology in form of the task attraction, along with
physical and social attraction impact the adoption of banking and financial
services?

What is the key variable that mediates the relationship between parasocial
relationships and purchase intentions in the banking and FinTech space?

2. Literature review and hypotheses

A chatbot or an artificial intelligence-driven virtual assistant helps enhance
conversation and engagement with humans. It is based on a computer program or even
an algorithm technology that includes the likes of Machine Learning (ML), or Natural
Language Processing (NLP) (Crolic et al., 2022). Chatbots are largely classified based
on existence as physical or virtual and/or dissmbodied and embodied. They could also
be based on communication as text-based, video-based, mechanical chatbots, or
decision-making cognitive and thinking chatbots (Huang et al., 2021; Sheehan et al.,
2020). Therefore, with rapid technological advancement, the ability of chatbots to
provide personal, instant, and convenient information has increased manifold (Go and
Sundar, 2019).

Within the context of the study, aim is to explore factors impacting consumers’
purchase intention of banking goods and services, using the theoretical constructs of
para-social relationships, it may be noted that para-social relationship/interaction is
defined as the affiliation and intimacy between the digital virtual assistants and
interactive chatbots (Horton and Wohl, 1956). In the context of this study, the
parasocial relationship is a one-way interaction between the customer and the digital
Avtar leading to deep psychological connections between the customer and brand.
This relationship is extremely complex as it originates because of task attraction,
physical attraction, or social attraction. As per the various studies task attraction refers
to the ability of media to facilitate task completion and social attraction refers to the
social recognition gained through affiliation to the digital Avtar (Hellweg and
Andersen, 1989). Physical attraction refers to the attributes (gender, language,
physical attributes, attire) of the digital Avtar (McCroskey et al., 2006). Parasocial
relationship theory propagates that the relationship with the digital Avtar leads to
access to higher information and informational influence and raises the perceived
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credibility of the brand leading to higher purchase intention.

The first module of our conceptual framework thereby comprises task attraction,
social attraction physical attraction, and parasocial relationships, which we propose to
be part of interpersonal relationships.

2.1. Parasocial relationship

Parasocial relationship refers to the emotional bonding that people develop with
virtual assistants and interactive chatbots. Therefore, through the theoretical lens of
parasocial relationships, we look to investigate how the use of virtual agents and
interactive chatbots affects the social outlook and users’ welfare (Rust, 2019). Further,
we attempt to highlight that consumer anthropomorphism can lead to an increase in
parasocial relationships, especially among the users of interactive chatbots and virtual
agents (Han and Yang, 2018). It may be noted herein that users of technology tend to
develop a parasocial relationship that is similar to social friends. In other words, users
feel more comfortable with others, who are of the same personality type and likeliness
(Rubin and Rubin, 1985). Studies in the past have referred to it as a sense of friendship
and an emotional involvement, which a user feels with a virtual assistant and/or an
interactive chatbot (Auter, 1992; Conway and Rubin, 1991; Grant et al., 1991; Kim
and Rubin, 1997).

Given the consumers’ non-human connection with chatbots and voice assistants,
brands globally, tend to harness these potent tools through their customer service,
which in turn, enhances their connection with their customers, and in the process,
builds an enduring relationship (Conway and Rubin, 1991; Fournier, 1998). Besides,
the use of artificial intelligence can also play an important role by serving as a partner
in the production of benefits (Kim and Kramer, 2015). Further, it may be noted that
the para-social theory also explains the brand-consumer relationship, which it believes
to be inanimate and anthropomorphic (Fetscherin, 2014). Based on this parasocial
relationship theory we propagate that a parasocial relationship refers to a deep
relationship with somebody who is not known in person, (Aw and Labrecque, 2020).
Moreover, as per the study, the para-social relationships are driven by decreased social
involvement, loneliness, and their effect on shopping decisions, (Lee and Park, 2017).

Various studies highlight that the adoption of artificial Intelligence service agents
is impacted by anthropomorphism and hedonic experiences. Anthropomorphism is
defined as the attribution of human capacities to the non-human agent. Similar to the
television characters, digital or virtual assistants create the illusion of intimacy through
gestures and communication (Kepuska and Bohouta, 2018).

2.2. Task attraction

Task attraction refers to the charms of digital and virtual assistants on the buyers
and consumers (Kim, 2018). Task attraction indicates whether the tasks that the
audience wants the virtual assistants can be achieved with ease (Hellweg and Andersen,
1989). Chatbots and digital assistants can help consumers gain important information.
With the suggestions of chatbots and digital assistants, the task will be easier to
achieve (Han and Yang, 2018). Task attraction is the key factor that reflects whether
the audience perceives that the digital assistants and the virtual chatbots can complete
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the given task (McCroskey et al., 1974). Social attraction and task attraction are the
factors that determine the level of parasocial relationship with the virtual assistants
and chatbots (Zheng et al., 2020). The virtual assistant and the digital assistant,
chatbots can enable gathering of the valuable and efficient information for the
accomplishment of business-related tasks (McCroskey et al., 1981). Digital assistants
and virtual chatbots that provide accurate information about the tasks enable the
achievement of business-related goals. There is a lot of literature, in the domain of the
impact of task attraction on the Parasocial relationship. Still, there is a lack of literature
in the field of the impact of task attraction, social attraction, and physical attraction of
Artificial intelligence chatbots and virtual assistants on Parasocial relationships as the
first part of the conceptual framework. The study hypothesizes that task attraction is a
major factor that drives the purchase intention on digital assistants or interactive
chatbots through parasocial relationships.

2.3. Social attraction

Social attraction refers to the feeling of similarity among the people and the
members of a group or fraternity (McCroskey et al., 2006). The process of social
attraction refers to the social force that encourages friendship formation and leads to
the feeling of liking among the members of a group or fraternity towards each other.
The physical attraction is often based on the physical attraction of the virtual agents
and the interactive chatbots. The literature highlights that the anonymity that comes
with virtual relationships with digital characters makes people feel socially attracted
through reduced cue communication (Antheunis et al., 2012). The literature highlights
that artificial intelligence and chatbots are mainly social companions that provide
social contact and offer a solution to social loneliness. To understand the process of
parasocial relationships with artificial intelligence and chatbots, this study will
examine the process of social attraction (Croes and Antheunis, 1972). The
phenomenon of social attraction has various characteristics According to the literature,
relationship formation takes place in various stages. Moreover, the placid static
continuation leads to the deterioration of the relationship. A social relationship is a
cooperative, supportive, and caring bond between two or more people (Foster, 2005).
Much literature defines a friend or a social companion as somebody to talk to, to
depend on, and rely on for help, support, and care (Rawlins, 2017). Moreover,
friendships are formed through similar understandings and acceptance (Tillmann-
Healy, 2003). It is important for friendship that people appreciate and like each other
and are socially attracted or have a positive liking towards each other (McCroskey et
al., 2006). As per the stage model given by (Levinger, 1980). When people have the
desire to form friendly relationships a friendship is more likely to emerge. Thus, social
attraction is crucial to building social relationships. Chatbots and Artificial intelligence
are increasingly taking a social role and researchers are trying to understand how
human beings interpret the behaviour of the chatbots and the virtual assistants. While
interacting with human beings, the users generally use social rules and expectations
while interacting with technological tools, chatbots, and virtual assistants, the human
beings and the users assign social values and associate personally with the artificial
intelligent agents (Mou, 2017; Nass and Moon, 2000; Xu and Lombard, 2016). The
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literature highlights the need for understanding the perceptions of chatbots, and voice
assistants in determining human behavior, (Heider, 1958; Miller et al., 1998; Tesser,
1988) and social attraction as the important factors forming parasocial relationships
between human users and the chatbots, artificial intelligence-driven voice assistant.
Social attraction is discussed as a process and is often characterized by the perceptions
of persuasiveness, credibility, and trust (McCroskey et al., 1974). The literature
highlights that people are increasingly attracted to interactional partners and that
impacts the communication quality (McCroskey and McCain, 1974). Thus, the
existing literature mainly explores the impact of social attraction on how much the
users want or like the company of another individual or digital companion. However,
it does not discuss the impact of social attraction on a parasocial relationship or the
intention to use technology in the case of artificial intelligence-driven chatbots and
virtual assistants. In the service literature, there is no consensus on whether consumers’
anthropomorphism of artificial intelligence-driven chatbots and virtual assistants
impacts the intention to use the technology. Anthropomorphism refers to the extent to
which the users or the consumers perceive Artificial Intelligence and robots as human-
like. Perception refers to the attribution of human characteristics to nonhuman agents
and Artificial intelligence-driven agents such as chatbots and virtual assistants (Epley
et al., 2007). This study synthesizes the parasocial relationship and its antecedents in
the form of task, attraction, social attraction, and physical attraction, and the
consequences in the form of informational influence and perceived credibility on the
purchase intention in the banking sector (Blut et al., 2021). Accordingly, to address
this gap and lack of knowledge in the domain of the impact of social attraction on
purchase intention through the use of artificial intelligence-driven chatbots and virtual
assistants, through parasocial relationships by enhancing the perceived credibility and
informational influence on the purchase intention has been explored. The literature
highlights that people use Artificial Intelligence driven chatbots and technology for
online banking due to social pressure, social influence, and the intention of people to
comply with social norms (Price et al., 1987). The existing literature highlights two
kinds of social norms i.e., normative and confirmatory. The normative social norms
are aimed at reducing the negative impact of the non-confirmation of the social norms.
Conformance is aimed at avoiding punishments.

2.4. Physical attraction

Physical attraction refers to the charm and the attraction of the media and digital
characters (McCruskeyMcCain, 1974). The existing literature highlights that it is
intuitive that artificial intelligence-driven chatbots and virtual assistants can affect the
extent to which the artificial-driven) the agent is anthropomorphized and results in
parasocial relationships. The research highlights that presence of the human features,
forms, and attributes increases parasocial relationships and the perceived credibility
and influence of the digital agent (Erebak and Turgut, 2019; Zhang et al., 2010). The
physical attributes of the digital agents and assistants can change the attitude of the
consumer about the digital characters and intention to use the technology. The
previous research highlights the importance of interpersonal attraction as an important
variable that impacts the social relationship between users and digital agents such as
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chatbots and virtual assistants (Joseph, 1982; McCroskey and McCain, 1974; Rubin
and McHugh, 1987). The physical attraction of digital assistants is enumerated as
physical and nonphysical characteristics. The physical features refer to the human-like
appearance, physical outlook, demeanor, and other attributes. The nonphysical refers
to the behavioral characteristics such as gaze, gesture, voice, and mimicry. It also
refers to abilities such as eye contact, use of gestures, locomotion, interactive features,
and other attributes. The literature highlights that the higher the number of features
that digital assistants and chatbots possess more anthropomorphic it is perceived
(Kompatsiari et al., 2019; Salem et al., 2013; Zhang et al., 2010). Besides the physical
features, as part of the nonphysical features, the emotional connection and expression
of an artificial agent also leads to anthropomorphism and parasocial relationships
(Novikova, 2016). The literature further highlights that virtual agents are capable of
interaction and communication through modalities such as voice, facial expression,
and body movements (Pelachaud, 2009). The appearance of virtual agents such as
chatbots, and virtual assistants has a vast impact on the degree of user acceptance of
the technology and his intention to use it. Further, the physical features, social features,
and appearance include the face, voice, gender, dressing style, and personality (D ®&z-
Boladeras et al., 2013; Esposito et al., 2021). The literature specifically highlights the
impact of voice and face on the intention to use technology and purchase of banking
products (Gong and Nass, 2007). The different age groups of consumers have shown
different preferences for the use of Artificial intelligence-driven agents. Some age
groups prefer human and cartoon forms of appearances of the virtual agents
(Strafdnann and Kramer, 2017; Ring et al., 2014). For young adults, voice seems to be
a feature that impacts the intention to use the technology or the digital assistant (Kong,
2013). Gender also has an impact on the intention to use technology or the virtual
agents (Niculescu et al., 2010). Yet other studies highlighted that female digital agents
improved learning outcomes and increased interest among the students. Also, the
dressing style impacts the user’s attitudes toward the adoption of virtual agents
(Lunardo, 2016). The literature highlights that the female virtual agents with corporate
attire were more appealing to the users and had a positive impact on user behavior.
The agents were emotional and expressed joy in the event of acceptance of a purchase
proposition and were always exhibiting accommodating and positive emotions were
preferred over the agents that showed anger and blame in negative situations. The
users also showed disdain for the unemotional virtual agents (Gobron et al., 2013).
The features include appearance, voice, and dressing style (Burleigh et al., 2013; Mori,
1970). The lexicon and ethnicity of the chatbot or interactive agent also impacted the
adoption of the technology and purchase intention. In some cases, females with Asian
traits and males with Causican traits were preferred for the purchase of the goods and
services (Sparrow, 2020). The literature highlights that the physical attraction of the
chatbots and artificial intelligence virtual agents leads to interpersonal influence on
the behavior and attitudes and behaviors of the users of the digital agents (Rubin and
McHugh, 1987). The authors further highlight that social and task attraction leads to
social interactions and perceived relationships with virtual assistants and interactive
chatbots. Thus, in the case of the virtual agents appearance, gender, behavior,
personality, realism, and emotional expressions were the important characteristics that
impacted the adoption of the virtual agent. There is not much research in the domain
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of the impact of the physical attraction of chatbots and virtual agents on the acceptance
of technology and the intention to use artificial intelligence-driven agents.

Consequently, the study seeks to examine how social attraction, task attraction,
and parasocial relationship explain the two outcomes of the process or intention to
purchase, which comprises of formation of perceived credibility and informational
influence.

2.5. Perceived credibility

Artificial intelligence is an algorithm-driven virtual and interactive assistant. The
question regarding the credibility of algorithmic trust is gaining a lot of interest in the
context of artificial intelligence. As more and more people rely on artificial
intelligence and algorithms for the news and decisions the question of credibility is
gaining increased importance. While using algorithm-based chatbots and interactive
virtual assistants, the users have to make decisions as to what extent the algorithm-
based services are to be trusted (Shin, 2021). Credibility is about the belief in the
information provided through algorithm-based digital agents and chatbots. When the
information comes from a trusted source, then the perceived credibility of the digital
agent is very high. And the research by (Ng et al., 2020) highlights that chatbot users
are keen to use chatbots if instill a sense of credibility among the users. Moreover, the
level of satisfaction increases the likelihood of using the chatbot and interactive digital
agents again (Huang and Chueh, 2021). The existing research highlights that
credibility is the degree to which a person believes a message or information provided
by artificial intelligence and digital assistants is believable (Andersen and Clevenger,
1963; McCroskey and Young, 1981). The literature has defined the concept of
credibility across three different dimensions namely competence, goodwill, and
trustworthiness in using artificial intelligence-driven chatbots and interactive virtual
assistants. The non-verbal cues such as the pleasant demeanor of the chatbots and
digital assistants serve as online immediacy in contexts such as business and lead to
positive impacts such as credibility (Darics, 2017; Dixson et al., 2017; Lo, 2008).
There is a lack of research in the domain of impact of the artificial intelligence-led
chatbots and digital or virtual assistants on the intention to purchase.

2.6. Informational influence

Informational influence refers to the perception of users regarding the
information value of chatbots and artificial intelligence-driven virtual agents
(Bhattacharjee and Sanford, 2006). If the information is perceived as trustworthy and
accurate the users posit more trust and integrity in the use of the chatbots and virtual
agents (Thomas et al., 2019; Zhou, 2021). If the customers find the content to be poor,
the users will pay less attention, leading to lesser credibility (Thomas et al., 2019).
Hence, the information value of the chatbots determines the purchase intentions. There
is not much research in the domain of the impact of information influence on the
purchase intention of users (Xuan, 2003). Interpersonal influence is defined as either
informative or normative. Informative influence refers to the acceptance from others
about reality (Deutsch et al., 1955). At the same time, the normative influences are
referred to as value expressive and utilitarian. Value expressiveness refers to the
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intention of the users to enhance their self-image and refer to their needs in terms of
association with the reference groups and utilitarian influence refers to the expectation
to comply with others to avoid punishments and earn rewards (Burnkrant et al., 1975).
Thus, either the informational influence or utilitarian influence, the use of interactive
chatbots, and virtual assistants plays an important role in improving the informational
influence. There is not much research in the domain of the impact of the informational
influence use of artificial intelligence-driven interactive chatbots and virtual assistants.
This study aims to highlight the impact of the use of chatbots on the informational
influence and thus the parasocial relationship leading to better purchase intention. The
informational influence refers to the feeling of being informed by the virtual assistant
and the interactive chatbots (Rubin and Mary, 2000).

2.7. Purchase intention

The purchase intention is the extent to which the user, using the interactive
chatbots and the virtual agents are willing to purchase the products through online
banking (Montaf and Kasprzyk, 2015). Existing literature highlights that the social
attraction of the interactive chatbots and the digital agents impact the purchase
behavior of the people (Newberry et al., 2003). Thus, this study assumes that the
purchase intentions have an impact on the purchase behavior of the members using
online banking (Winterich and Nenkov, 2015). Further, the literature highlights that
the ability of the interactive chatbots and the virtual agents to provide the information
has an impact on the purchase decision of the consumers that are buying through the
interactive chatbots and the virtual agents. This is because as part of the product search
and purchase, digital assistants and interactive chatbots provide beneficial and relevant
information that is useful for the users (Bearden et al., 1989).

Hypothesis

For the study, the hypotheses to be tested are given below:

1) Informational influence positively impacts purchase intention

2) Parasocial relationship positively influences the informational influence

3) Parasocial relationship positively impacts perceived credibility

4) Perceived credibility positively impacts the purchase intention

5) Physical attraction positively impacts the parasocial relationship

6) Social attraction positively impacts the parasocial relationship

7) Task attraction positively impacts the parasocial relationship

8) Parasocial relationship mediates the relationship between social attraction and
perceived credibility

9) Parasocial relationship mediates the relationship between physical attraction and
informational influence

10) Parasocial relationship mediates relationship between the social attraction and
informational influence

11) Parasocial relationship mediates relationship between the task attraction and
perceived credibility

12) Parasocial relationship mediates the relationship between task attraction and
informational influence
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13) Perceived credibility mediates the relationship between parasocial relationship
and purchase intention

14) Informational influence mediates the relationship between the parasocial
relationship and purchase intention

15) Perceived credibility mediates the relationship between physical attraction and
purchase intention

16) Parasocial relationship and informational influence serially mediate the
relationship between physical attraction and purchase intention

17) Parasocial relationship and informational influence serially mediate the
relationship between task attraction and purchase intention

18) Parasocial relationship and informational influence serially mediate the
relationship between social attraction and purchase intention

19) Parasocial relationship and perceived credibility serially mediate the relationship
between physical attraction and purchase intention

20) Parasocial relationship and perceived credibility serially mediate the relationship
between purchase intention and task attraction

21) Parasocial relationship and perceived credibility serially mediate the relationship
between social attraction and purchase intention

3. Conceptual framework

The conceptual framework for this study is based on the theoretical framework
of parasocial relationships (Horton and Wohl, 1956). The parasocial relationship is the
focal construct and the main objective of the study is to assess the impact of this
parasocial relationship on intention to purchase. This study has 3 sets of antecedents
and 3 sets of consequences variables. These antecedents include task attraction, social
attraction, and physical attraction, and the consequences are perceived credibility and
informational influence leading to the purchase intention. For this study, the
conceptual framework is shown in the figure below. The conceptual framework
propounds that task attraction, social attraction, and physical attraction lead to
parasocial relationships. The parasocial relationship further leads to the perceived
credibility, informational influence, and thus the intention to purchase. The conceptual
framework for the study is given below in Figure 1.

Informational
Task Attraction influence

. Parasocial
Social Attraction X Purchase
Relationship intention

Physical Attraction Perceived
Credibility

Figure 1. Conceptual framework; Source: Author’s survey (2023).

10



Journal of Infrastructure, Policy and Development 2024, 8(6), 4086.

4. Research methodology

4.1. Data collection

The study is a quantitative empirical study and the data is collected using the
cross-section data survey questionnaire. The sampling is done using the purposive
sampling method (Cheah et al., 2021; Sarstedt et al., 2018). To collect the data, the
respondents were contacted personally through negotiating access with the prospects,
who were selected through the convenience sampling method due to the superiority of
the method in collecting the data (Yao et al., 2015). The data was collected using the
questionnaire and the sample was selected from the rural regions of New Delhi and
Rajasthan. The respondents were selected based on the question of whether they use
artificial intelligence-based interactive chatbots and virtual assistants for digital
banking. The study aims to study the impact of task attraction on the parasocial
relationship between chatbots and interactive virtual assistants. Task attraction refers
to the impact of virtual assistants and interactive chatbots on task accomplishment.
The questionnaire for the study is adapted from the earlier research study (McCluskey
and McCain, 1974; Su et al., 2021). Besides, social attraction refers to the social role
played by chatbots, and digital virtual assistants in combating loneliness through
human touch and socialization. It also refers to the perception of individuals regarding
the similarity, likes, and compatibility of the chatbots and virtual agents with the users’
preferences (McCluskey and McCain, 1974). The third antecedent of the parasocial
relationship is physical attraction, which refers to the likability of the interactive
chatbots and the interactive virtual agents due to the appearance, gender, voice, and
personality of the virtual agent. The research establishes that physically attractive
chatbots and virtual agents have a far greater positive impact on the attitude of the
purchase intention and disposition of the users. Physical attraction is measured through
four indicator variables adapted from (McCluskey and McCain, 1974). The study was
based on a 5-point Likert Scale, with (1) as strongly disagree and (5) as strongly agree.
A pilot study was conducted with 50 respondents to ensure that the study is accurate
(Hertzog, 2008; Hulland et al., 2018).

During the period from January 2023 to August 2023, 151 surveys were
conducted, based on sample size calculated using G power v3.1.9.2 software to
calculate the minimum sample size based on statistical power (Faul et al., 2009). With
an effect size of 0.15, a sample size of 74 is require to achieve the statistical power of
0.95. Thus, the sample size of 151 was adequate to conduct the statistical analysis
(Putri, 1998). The responses were collected from approximately 151 respondents, from
the people who are using artificial intelligence, chatbots, and digital or virtual agents
for banking. The respondents were asked to answer the question regarding whether
they use the artificial intelligence driven chatbots and virtual assistants for online
banking. The majority of the respondents, 66.8%, were males and 33.1% were females.
58.9% of the respondents are in the age group 20-30 years of age, 35.09% are in the
age group 30-40 years of age and 5.90% are in the age group 40-50 years of age. The
respondent’s demographic profile is given below in Table 1.
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Table 1. Demographic details of respondents (Source: Author’s own work).

Gender Percentage Frequency
Male 66.88% 101
Female 33.11% 50
Age group 0
20-30 years 35.09% 53
30-40 years 58.90% 89
40-50 years 5.90% 9
Education 0
Graduation 5.29% 8
Post Graduation 94.70% 143
Marital Status 0
Married 52.31% 79
Unmarried 47.68% 72

4.2. Data analysis
4.2.1. Measurement model

To empirically validate the conceptual framework given earlier, most of the
indicator items in the questionnaire have been adapted from the existing literature on
the use of artificial intelligence. For this study, the conceptual model adopted in this
study mainly comprises the reflective construct.

The operational definition for the various reflective indicators of the constructs
is provided in Table 2 below along with the questions, as part of the questionnaire.
There are 3 antecedents to the parasocial relationship, which comprise task attraction,
social attraction, and physical attraction.

Table 2. Description of reflective indicators (Source: Author’s own work).

Variable Code Measurement
Task Attraction TAL If I want to geta _repIy tp a query (regarding bank accounts, or banking products) | could
depend on the voice assistants and the chatbots, whom | approach regularly
TA? Al Chatbots and voice assistants by banks would be an asset in any kind of customer
grievance
TA3 I am confident about the ability of the Al chatbots and voice assistants on banking
websites to resolve my customer complaint
TA4 I could rely on the Al chatbots and voice assistants whom | approach frequently to get
my tasks done
Social Attraction SAL I would like to have a frlendl_y chat W|_th the Al chatbot and voice assistant whom |
approach frequently on banking websites
I feel the human touch in my interactions with the Al Chatbots and Voice Assistants
SA2 . .
whom | approach frequently on banking websites
SA3 Some of the voice assistants and chatbots are pleasant to be with
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Table 2. (Continued).

Variable Code Measurement
Physical Attraction  PA1 I thlnk that t_he voice assistants and chatbots that | approach on banking websites are
quite attractive
PA2 I find that the voice assistants that | approach most frequently on banking websites have
extremely pleasant personalities
PR1 The persona of the voice assistants and the chatbots that | approach on banking websites
Parasocial I could have a warm relationship with the chatbot voice assistant whom | approach most
. ) PR2 . !
Relationship frequently on the banking websites
PR3 | feel that the chatbot voice assistant whom | approach on the banking website gives
immense emotional support
While talking to the Al chatbot or voice assistant whom | approach on the banking
PR4 ; :
website, | feel that they portray the emotions
PR5 During the chat sessions whom | approached on the bank website
:EI?Jg?]igonal 11 I seek information from the Al chatbot or voice assistant since | consider than an expert
I frequently gather information about a banking product from the Al Chatbot or voice
112 assistant whom | approach most frequently on the banking websites before | buy the
products
13 Al chatbots and voice assistants whom | approach on the bank websites are
knowledgeable
Perceived Credibility PC1 The influencers Whom | approach most frequently on the banking website are
trustworthy and alike
PC2 The influencers whom | approach most frequently on banking are all credible
PC3 I can easily identify with the Al chatbot and voice assistant on banking website
Purchase Intention PI1 Lr;fnol:matlon sought from the Al Chatbot or voice assistant increases the propensity to
P12 I am certain to buy products from banks that provide Al chatbots or voice assistants
P13 Consulting an Al chatbot or voice assistant increases the intention to bank
Pl4 Al chatbots or voice assistants increase the propensity to bank

4.2.2. PLS-SEM methodology

To study the impact of interpersonal interaction on the social relationship
between the interactive chatbot and the purchase behavior of consumers, the PLS-
SEM method has been used. PLS-SEM method is preferred due to the small sample
size and the ability of the technique to maximize the variance of the endogenous
constructs/indicators. Since in this study, the objective is to test the sequential
mediation relationships (Nitzl et al., 2016) as well as the moderator relationships
(Becker et al., 2018) again the PLS-SEM maodel is found to be more suitable (Hair et
al.,, 2017; Sarstedt, 2017b). This PLS-SEM technique is also preferred over
covariance-based structural modeling and ordinary least squares regression due to the
nonnormality in the data. Another reason for the choice of the PLS-SEM model is the
complex nature of the research model (Hair et al. 2017). SmartPLS V.4. software
(Ringle et al., 2015) has been used for studying the measurement and the structural
model. The two-step approach suggested by (Hair et al., 2019) has been used for
analysis. The measurement model is evaluated followed by the structural model in the
second step.
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5. Findings and discussion of results

5.1. Normality test

From the descriptive statistics generated by the SmartPLS software, there is no
univariate normality issue in the data. The skewness and kurtosis values are well
within 22, which shows that there is no multivariate normality issue in the data, (Field,
2009; George and Mallery, 2010). Another criterion for the accurate model prediction
is the multivariate normality. The analysis of the multivariate analysis shows that
Mardia’s parameters of multivariate skewness (8 = 8.26; p < 0.000) and multivariate
kurtosis (# = 70.56; p < 0.000) suggest the multivariate nonnormality in the data. The
multivariate nonnormality is another reason for using the PLS-SEM method of data
analysis (Hair et al., 2019). The descriptive statistics and results of the normality tests

are given in Table 3.

Table 3. Descriptive statistics and normality tests (Source: Author’s own work).

Items Descriptive Statistics Normality test

Name Mean  Median Minimum Maximum Standard deviation Excess kurtosis Skewness
TAl 3775 4 1 5 0.991 -0.069 —0.646
TA2 3695 4 1 5 1.003 -0.187 -0.668
TA3 3735 4 1 5 0.995 -0.095 —0.669
TA4 3715 4 1 5 0.993 0.141 -0.755
SAl 3762 4 2 5 0.981 -0.734 -0.481
SA2 3.788 4 2 5 0.953 -0.631 -0.489
SA3 3801 4 2 5 0.983 -0.7 -0.519
PAl 3.689 4 1 5 0.957 -0.444 -0.528
PA2 3748 4 1 5 0.964 -0.37 -0.593
PA3 3781 4 1 5 1.009 -0.618 -0.525
PA4 3.808 4 1 5 0.954 -0.325 -0.576
PA5 3841 4 1 5 0.977 -0.365 -0.621
PR1 3.768 4 1 5 0.98 0.116 -0.757
PR2 3815 4 1 5 0.945 0.447 -0.809
PR3 3874 4 1 5 0.985 0.338 -0.876
PR4 3861 4 1 5 0.997 -0.126 -0.729
111 3.775 4 1 5 0.964 0.199 —0.743
12 3.808 4 1 5 1.001 -0.591 -0.524
113 3755 4 1 5 0.99 -0.028 -0.69
PC1 3.808 4 1 5 0.988 -0.105 -0.728
PC2 3834 4 1 5 0.986 0.121 -0.749
PC3 3.868 4 1 5 1.027 -0.065 -0.767
PI1 3.748 4 1 5 0.957 0.515 —0.846
PI2 3.788 4 1 5 0.994 -0.055 —0.665
PI3 3742 4 1 5 1.032 -0.319 -0.631
Pl4 3682 4 1 5 0.972 -0.063 -0.633
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5.2. Common method bias

The common method bias refers to the data that is being derived from a single
source (Avolio et al., 1991) that could lead to problems in the analysis of the
quantitative data The Common method bias adversely impacts the validity of the data
and affects the structural relationship (MacKenzie et al., 2012). The common method
bias in a study can be reduced through statistical control and procedural control. The
procedural control is achieved by allowing the respondents to anonymously respond
to the questionnaire, positioning the demographic question at the end of the
questionnaire, and piloting the questionnaire before the last stage of data collection.
For the statistical control, two different methods were used namely, the Harman one-
factor test. Moreover, the study used the pathologic Variance Inflation Factor below
5, thus there is no Common Method Bias in the data (Anshuman et al., 2021; Ned
Kock, 2015).

5.3. Measurement model

As per (Hair et al., 2017) the evaluation of the measurement model highlighted
that there is a high degree of convergent validity and internal consistency in the data
as the outer loading, composite reliability, and average variance extracted are all above
the threshold of 0.708 and below 0.95. To measure the discriminant validity, the
Fornell Larcker criterion and Hetrotrait Monotrait criterion were used. The Hetrotrait
Monotrait Ratio was far below the threshold of 0.85 which shows that there is enough
discriminant validity in the data (Henseler et al., 2015). The measurement model
results are shown below in Table 4. The results for discriminant analysis are presented
in Table 5 (HTMT) and Table 6 (Fornell and Larcker analysis). Figure 2 represents
the graphic presentation of the measurement model.

Table 4. Measurement model (Source: Author’s own calculation).

Item  Scale IOute_r _ Cronbach’s &?;Qgﬁ?:;e Compp§ite AV!E—Average
oadings/Weight alpha (rho_a) reliability (rho_c)  variance extracted

11 Reflective 0.871%** 0.855 0.855 0.912 0.775

112 0.882***

13 0.888***

PAl  Reflective 0.814%*** 0.906 0.907 0.934 0.78

PA2 0.883***

PA3 0.863***

PA4 0.829%**

PA5 0.853***

PC1  Reflective 0.896*** 0.882 0.883 0.927 0.81

PC2 0.893***

PC3 0.911%**

Pl1 Reflective 0.87*** 0.903 0.903 0.928 0.72
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Table 4. (Continued).

Composite

Item  Scale IOutgr _ Cronbach’s reliability Comp_o_site AV!E—Average
oadings/Weight alpha (rho_a) reliability (rho_c)  variance extracted

PI2 0.882%***

P13 0.901***

Pl14 0.88***

PR1  Reflective 0.879%*** 0.906 0.907 0.934 0.781

PR2 0.893***

PR3 0.885%**

PR4 0.875%**

SAl  Reflective 0.888*** 0.854 0.854 0.911 0.774

SA2 0.893***

SA3 0.857***

TA2  Reflective 0.878*** 0.906 0.906 0.934 0.78

TA3 0.89%**

TA4 0.855%**

TAl 0.91%**

Note: Average Variance Extracted (AVE), Composite Reliability (CR), Outer Loading (A). All the
values of AVE, CR, Cronbach Alpha, and rho_A are significant at p < 0.001 AVE (Average Variance
Extracted) values for the data are all more than 0.5 and hence there is no issue of discriminant validity
in the data. PA refers to physical attraction, PR refers to perceived relationship, Il refers to
informational influence, Pl refers to the purchase intention, SA refers to social attraction, TA refers to
task attraction and PC refers to perceived credibility. *** signifies 5% significance level.

Table 5. Discriminant validity (Source: Author’s own work).

IR PR PC PA Pl SA TA
IR
PR 0.837
PC 0.958 0.862
PA 0.807 0.842 0.829
Pl 0.897 0.826 0.926 0.768
SA 0.837 0.861 0.829 0.903 0.802
TA 0.827 0.802 0.848 0.888 0.795 0.942
Note: The off-diagonal values (bold) in the above matrix are the squares correlations between the latent
constructs and diagonals are AVEs. HTMT <0.85 (Kline, 2005). PA refers to physical attraction, PR
refers to perceived relationship, Il refers to informational influence, PI refers to the purchase intention,
SA refers to social attraction, TA refers to task attraction and PC refers to perceived credibility.
Table 6. Fornell Larcker criterion (Source: Author’s own work).
1 PR PC PA Pl SA TA
I 0.88
PR 0.736 0.883
PC 0.832 0.772 0.9
PA 0.709 0.764 0.741 0.849
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Table 6. (Continued).

11 PR PC PA Pl SA TA
Pl 0.79 0.75 0.828 0.696 0.883
SA 0.714 0.758 0.72 0.792 0.705 0.88
TA 0.727 0.728 0.758 0.803 0.72 0.828 0.883
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Figure 2. Measurement model (Source: Author’s own work).

5.4. Assessment of the structural model

The next step in the assessment of the structural model is to validate the
hypothesized relationship (Hair et al., 2017). The data showed that there is no multi-
collinearity issue in the data, with the Variance Inflation Factor all below the value of
5. At the same time, the significance of the path coefficients, the R square, and the
predictive relevance of the Q square were calculated. The data from the bootstrap
analysis shows that the direct relationship between the informational influence and the
purchase intention (8 = 0.329; t = 3.95; p = 0.00); parasocial relationship and the
informational influence (5 = 0.736; t = 16.673; p = 0.000); parasocial relationship and
the perceived credibility (6 = 0.772; t = 20.03; p = 0.00); perceived credibility and
purchase intention (8 = 0.555; t = 6.608; t = 0.000); physical attraction and parasocial
relationship (# = 0.384; t = 4.508; p = 0.000) and social attraction and parasocial
relationship (B = 0.339; t = 3.181; p = 0.000) and the relationship between task
attraction and parasocial relationship is not significant. The results of the structural
model are presented in Table 7.

Table 7. Structural model (Source: Author’s own work).

Path Beta SE T statistics P Val LLCI uLl R Sq. F Sq. VIF
I1-Pl 0.329 0.083  3.95*** 0.000 0.172 0.497  Sig 0.542/0.719  0.118

PR-II 0736 0.044 16.673*** 0.000 0.639 0.811  Sig 0.652 1.183 1
PR-PC 0.772 0.039 20.038***  0.000 0.684 0.836 Sig 1.479

PC-PlI 0555 0.084 6.608*** 0.000 0.381 0.709 Sig 0.597 0.336 3.254
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Table 7. (Continued).

Path Beta SE T statistics P Val LLCI ULI R Sq. F Sq. VIF

PA-PR 0.384 0.085 4.508*** 0.000 0.219 0.555 Sig 0.124 3.295
SA-PR 0339 0.106  3.181*** 0.001 0.129 0.547 Sig 0.088 3.719
TA-PR 0139 0.101 1376 0.169 —-0.064 0.331 Non-Sig 0.014 3.896

Note: *** refers to the 5% significance level. Note: PA refers to physical attraction, PR refers to
perceived relationship, 11 refers to informational influence, PI refers to the purchase intention, SA refers
to social attraction, TA refers to task attraction and PC refers to perceived credibility. “-” refers to leads
to.

5.5. Mediation analysis

The transmittal approach is used for evaluating the mediation relationship
(Rungtusanatham et al., 2014). The transmittal approach mainly aims to develop the
hypothesis that M mediates the effect of X on Y or that X has an indirect effect on Y
through M without needing to articulate hypotheses relating to X to M and M to Y,
(Rungtusanatham et al, 2014). As suggested by (Hair et al., 2017), a bootstrapping
with 10,000 subsamples was used to estimate the 95 percent bias-corrected confidence
interval of the indirect effect. Further, the decision tree suggested by (Nitzl et al. ,2016)
has been used for the mediation classification. The study contributes immensely to the
literature in the domain of banking through artificial intelligence by introducing higher
order construct of para social relationship in banking through digital Avtar based on
artificial intelligence. The decision tree displays the parasocial relationship as outcome
of task attraction, physical attraction and social attraction. The results validate the
transmittal impact of parasocial relationship on perceived credibility and informational
influence. But points out that in current context the social and physical attraction of
the digital Avtar leads to transmittal impact, and due to lack of operational efficiency,
task attraction is yet not an important constituent of a parasocial relationship. The
decision tree is depicted in Figure 2 and results of Mediation analysis are presented
in Table 8.

The results of the mediation analysis show that parasocial relationship mediates
the relationship between social attraction and perceived credibility (54 = 0.262; t =
3.087; p = 0.002); physical attraction and information influence (8 = 0.283; t = 4.577,
p = 0.002); social attraction and informational influence (4 = 0.249; t = 3.088; p =
0.002). The parasocial relationship does not mediate the relationship between task
attraction and perceived credibility (# = 0.108; t = 1.36; p = 0.173) and task attraction
and informational influence (4 = 0.103; t = 1.352 and p = 0.176). However, the
relationship between parasocial relationships and purchase intention through
perceived credibility is significant (8 = 0.428; t = 6.147; p = 0.000). The serial
relationship between physical attention and purchase intention through the parasocial
relationship and informational influence is significant (4 = 0.093; t = 2.69; p = 0.007);
the relationship between social attraction and purchase intention serially mediated
through the parasocial relationship and informational influence (8 = 0.082; t = 2.46; p
= 0.014); the relationship between physical attraction and purchase intention serially
mediated through parasocial relationship and informational influence is significant (4
=0.093; t=2.69; p =0.007), the relationship between physical attraction and purchase
intention through parasocial relationship and perceived credibility is significant (8 =
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0.165; t = 3.996; p = 0.00). However, the relationship between task attraction and
purchase intention is not significant (8 = 0.034; t = 1.194; p = 0.232). Next, to assess
the structural model, it is important to determine the Coefficient of determination (R?),
effect size (%), and the predictive significance (Q? predict). Overall, the model has
explanatory power as the informational influence has an explained variance of 54.2%
and the purchase intention has an explained variance of 71.9%. The parasocial
relationship has an explained variance of 65.2%, while the perceived credibility has
an explained variance of 59.7%. In terms of the effect size, the parasocial relationship
has the highest effect size. Perceived credibility has the medium effect size, personal
attraction, and informational influence have the medium effect size, and social
attraction and task attraction have the lowest effect size (Cohen, 2013; Geisser, 1974;
Stone, 1974). The f square and Q square predictions show that the model has predictive
validity (Shmueli et al., 2019).

Table 8. Mediation analysis (Source: Author’s own work).

Parameters Beta SE t value p-value
PA-PR-II-PI 0.093 0.035 2.69 0.007
SA-PR-PC 0.262 0.085 3.087 0.002
PA-PR-II 0.283 0.062 4.577 0
SA-PR-1I 0.249 0.081 3.088 0.002
SA -PR-1I-PI 0.082 0.033 2.46 0.014
TA-PR-11-PI 0.034 0.028 1.196 0.232
PA-PR-PC-PI 0.165 0.041 3.996 0
PR-11-PI 0.242 0.067 3.597 0
TA-PR-PC 0.108 0.079 1.361 0.173
TA-PR-PC-PI 0.06 0.045 1.334 0.182
SA-PR-PC-PI 0.145 0.055 2.622 0.009
TA-PR-1I 0.103 0.076 1.352 0.176
PA-PR-PC 0.297 0.064 4.599 0
PR-PC-PI 0.428 0.07 6.147 0

Note: PA refers to physical attraction, PR refers to perceived relationship, Il refers to informational
influence, Pl refers to the purchase intention, SA refers to social attraction, TA refers to task attraction
and PC refers to perceived credibility. “-“refers to leads to.

Artificial intelligence, virtual assistants, and interactive chatbots are changing the
paradigm of online banking. With the advent of the digital Avtar, the relationship
between the digital assistant and the customer has become much more interactive and
reciprocal. Our study found that consumers are using artificial intelligence based
digital assistants or digital Avatars for purchasing banking products due to the
increased perceived credibility and informational influence. The study is based on the
theoretical model of para-social relationships, in context of the artificial intelligence
based virtual assistants and chatbots.

The findings of the study indicate that an intimate and physically attractive Avtar
or assistant can induce a parasocial relationship which can in turn lead to better trust
and perceived credibility and informational influence which can positively impact the
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purchase intention. The findings are also consistent with the earlier studies that have
hypothesized the impact of social attributes and human-like features on the
relationship between the digital assistant and the customer. In addition, this study for
the first time extends this relationship to a parasocial relationship with the virtual
assistant that leads to higher credibility and informational influence, cognitively and
affectively motivating the consumer to purchase the products. Thus, the study extends
the Parasocial relationship theory in the context of digital assistants and asserts that
the social benefits of the relationships between virtual assistants and digital assistants
or chatbots are immense. These relationships buffer the social isolation, social well-
being and need for socializing. Further, the studies propagate that as Al becomes more
sophisticated the tendency and inclination of human beings to turn to Artificial
intelligence -driven chatbots to meet their relationship needs will rise tremendously
(Chow, 2023). This phenomenon is even more visible in the case of neobanks and
digital banks. Thus, the results prove that if the digital Avatars are socially and
physically attractive, the customers will perceive them as credible and further perceive
them to have higher informational influence. Task-oriented digital Avatars or task
attraction which refers to the utility of the chatbot to complete a particular task also
leads to higher purchase intention (Ashfaq et al., 2020; Sienkiewicz, 2021; Xie et al.,
2023). The study indicates that informational influence and perceived credibility have
a positive impact on purchase intention

Most importantly if the Avtar is attractive (physically and socially) through the
parasocial relationships it enhances the perceived credibility and informational
influence and further intention to purchase banking products. However, the study
establishes that task orientation and task attraction do not have a positive impact on
purchase intention.

This implies that banking tasks such as the transfer of money, quick transfer
advantages such as time savings, security and privacy, and economic advantage are
not the motivations to purchase banking products using digital modes such as Artificial
intelligence and chatbots. Rather, it is the social attraction social belongingness, and
physical attraction that leads to a relationship that is based on credibility, trust, and the
information provided that leads to the purchase intention. Hence the banking
institutions are not doing enough to promote the benefits of a virtual assistant and the
chatbots that lead to more personalized, informed banking while saving the time of the
clients. In today’s fast-paced world the emotional connection that a consumer develops
with an Avtar, which is socially and physically attractive, leads to higher credibility,
and through greater informational influence, it leads to higher purchases.

6. Conclusions

The study concludes that in a world with increasing use of Artificial intelligence
and virtual chatbots, banks and financial institutions are finding it extremely useful.
The study propagates through the lens of the parasocial relationship theory, that
increased physical attraction, task attraction, and social attraction leads to increased
perceived credibility and informational influence, which further increases the purchase
intention of the banking consumers.
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7. Limitations and future research

This research suffers from various limitations such as the study was conducted
through the survey-based questionnaire, which made use of convenience-based
sampling and purposive sampling. This type of sampling suffers from various
limitations of the nonrandom sampling. In the future, further research can be
conducted using the random sampling method. In this study, the parasocial theory has
been used for analysis. In the future, more research can be conducted to analyze the
impact of gender on Artificial intelligence users and their purchase intention towards
banking products.
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